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ABSTRACT
The purpose of this study is to evaluate the impact of data-driven collaboration on student
achievement in the academic content areas of Mathematics and Reading. In order to
determine if data-driven collaboration does have an effect on student learning, Tennessee
Comprehensive Assessment Program gain scores from the 2012-2013 and 2013-2014
school years were utilized to compare the following subgroups: female, male, majority,
minority, economically disadvantaged, and non-economically disadvantaged. An
elementary school that had practiced data-driven collaboration less than three years was
compared to an elementary school that had practiced data-driven collaboration more than
three years. A middle school that had practiced data-driven collaboration less than three
years was compared to a middle school that had practiced data-driven collaboration more
than three years was compared also.

The data analysis supports that data-driven collaboration does have an impact on
student achievement in the content area of Mathematics with the following subgroups:
majority, female, male, economically disadvantaged, and non-economically
disadvantaged. However, the data does not show a significant difference in Reading

Scores.
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CHAPTER I
INTRODUCTION
Statement of the Problem

There is sufficient research and evidence that support data-driven collaboration
and its impact on student achievement. In 2007 Goddard, Goddard, and Tschannen-
Moran conducted a study to determine if collaboration has an impact on student
achievement in public elementary schools. They used survey data and student
achievement scores to determine the impact of collaboration. Based on the research, it
was concluded that student achievement is higher in schools that reported having more
collaboration with their colleagues. This was evident in schools of varying size and
demographics (Carroll, Fulton, & Doerr, 2010).

Sadly, even though there is research to support the effects of data-driven
collaboration, policy-makers and educators alike do not accept or promote it. According
to a study conducted by Carrie R. Leana (2011), a professor at the University of
Pittsburg, should policy-makers decide to invest in efforts that promote collaboration
among teachers, then student achievement will increase. The study demonstrated that if
schools are to show improvement, administrators must create social capital or
collaboration among teachers. A below average teacher can perform as well as an
average teacher with the appropriate collaboration.

Research by Wimberley (2011) supported the idea that teachers who collaborate
have higher student achievement scores. The collaborative climates generated an

environment that created a positive and professional learning community. The findings



also indicated that schools that welcomed collaboration had higher teacher satisfaction. It
was also found that schools that had been collaborating for longer periods of time had
higher student achievement scores.

Research is appropriate and needed in this area in an effort to explore, study, and
analyze the impact that data-driven collaboration has on academic achievement among

tested subgroups in Reading and Mathematics.

Purpose of the Study

The purpose of this field study was to explore the impact of data-driven
collaboration on student academic achievement of economically disadvantaged students
in comparison to non-economically disadvantaged students, males in comparison to
females, and the majority group compared to the minority groups. The independent
variables are data-driven collaboration, gender, ethnicity, and socio-economic status, and
the dependent variables are school Tennessee Comprehensive Achievement Program
(TCAP) Normal Curve Equivalency (NCE) scores and the interviews of principals and
academic coaches to determine the frequency and extent of the data-driven collaboration.

Determining the impact of data-driven collaboration in this school district is
important in determining its effects on student achievement in general and closing the
gaps among the various subgroups. The schools within the district are at various levels of
collaboration and are moving toward data-driven instruction at various rates even though
the research supports the utilization of data-driven collaboration. It would be

advantageous for research to be conducted in this district on data-driven collaboration



and improved student achievement among all demographics in order to make believers

out of those resistant to the transition.

Significance of the Study

The research committee in the school district where the field study was conducted
will benefit from this study. The committee will be able to use the analyzed data to
determine if data-driven collaboration practices improve student achievement by closing
the gaps of tested subgroups. The Accountability Coordinator in the district where this
research was conducted will be able to use the statistical findings to determine if data-
driven collaboration has an effect on closing the gaps of students in the tested subgroups
in Reading and Mathematics based on Tennessee Comprehensive Achievement Program
(TCAP) data and provide other schools within the district the research to improve their
student achievement. The administrators and teachers in the district will benefit from the
research findings in this field study by acquiring knowledge about whether Reading and
Mathematics achievement scores improved or did not improve when data-driven
collaboration was being implemented. Parents and students will benefit if the data
demonstrates that data-driven collaboration when used to drive instruction improves
academic achievement. Future researchers may benefit from the research findings
resulting from this study for support of their own research studies on the same or similar

topics.



Research Questions

The following research questions have been determined to be appropriate for this

study:

What effect does data-driven collaboration have on Reading Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores?

What effect does data-driven collaboration have on Mathematics Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores?

Does data-driven collaboration have a greater impact on economically
disadvantaged or non-economically disadvantaged students?

Does data-driven collaboration have a greater impact on males or females?
Does data-driven collaboration have a greater impact on the majority group or
minority groups?

Does the length of time a school has been practicing data-driven collaboration

have an effect on student achievement?

Null Hypotheses

Based on previous research the following Null Hypotheses are appropriate:

L.

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 of majority students in

schools that have practiced data-driven collaboration more than three years as
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compared to TCAP NCE scores of students in majority groups in schools that
have practiced data-driven collaboration less than three years.

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 of minority students in
schools that have practiced data-driven collaboration more than three years as
compared to TCAP NCE scores of students in minority groups in schools that
have practiced data-driven collaboration less than three years.

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 of female students in schools
that have practiced data-driven collaboration more than three years as
compared to TCAP NCE scores of female students in schools that have
practiced data-driven collaboration less than three years.

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 of male students in schools
that have practice data-driven collaboration more than three years as
compared to TCAP NCE scores of male students in schools that have
practiced data-driven collaboration less than three years.

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency

NCE scores between the years of 2013 and 2014 of economically



disadvantaged students in schools that have practiced data-driven
collaboration more than three years as compared to TCAP NCE scores of
economically disadvantaged students in schools that have practiced data-
driven collaboration less than three years.

There Will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 of non-economically
disadvantaged students in schools that have practiced data-driven
collaboration more than three years as compared to the TCAP NCE scores of
non-economically disadvantaged students in schools that have practiced data-
driven collaboration less than three years.

. There will be no statistically significant difference in Mathematics Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2104 of students in schools
utilizing data-driven collaboration practices more than three years as
compared to the Mathematics TCAP NCE scores of students in schools that
practiced data-driven collaboration less than three years.

. There will be no statistically significant difference in Reading Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
NCE scores between the years of 2013 and 2014 for students in schools
utilizing data-driven collaboration practices more than three years as
compared to the Reading TCAP NCE scores of students in schools that

practiced data-driven collaboration less than three years.



Limitations

The following limitations are appropriate to this study and the population served

by the schools used for this study:

1.

W

The first limitation in this study was that only one tool was used to measure
growth of student academic achievement in Reading and Mathematics to
determine the effects of data-driven collaboration. The Tennessee
Comprehensive Assessment Program (TCAP) was the only test administered
to elementary and middle school students in this study to measure the impact
of data-driven collaboration in Reading and Mathematics.

The second limitation was the extent of the use of data-driven collaboration in
the schools that participated in the study. Each school was at different
implementation levels and did not have the same definition of data-driven
collaboration based on the definition accepted as appropriate for this study
and the schools and school system from which the student population was
drawn.

The third limitation was that each teacher may participate in data-driven
collaboration, but their fidelity in using the data to drive their instruction
differed among teachers at each school and the impact of this will remain
unknown from this study.

The fourth limitation was the high mobility rate in the district. The schools in
the study had mobility rates ranging from 22 percent to 40 percent, which can

impact the effectiveness of data-driven collaboration.



Assumptions

The following assumptions are appropriate to this study and the population,

schools, and school system included in this study:

1.

o

(98]

One assumption of this study was that all students performed to the best of
their abilities on Tennessee Comprehensive Achievement Program (TCAP)
tests in the spring of 2013 and 2014.

Another assumption in this study was that all teachers have received the same
training on how to use data during collaboration and how to use it effectively
to drive instruction in their classrooms.

One last assumption in this study was that all teachers use data with fidelity

while they collaborate and in their instruction.

Definition of Terms

Data-Driven Instruction: The use of data to help drive instructional
practices. There are four major areas of work related to data-driven
instruction: culture, assessments, analysis, and action (Fenton & Murphy,
2014)

Demographics: Studies of a population based on components such as age,
race, sex, economic status, level of education, income level and employment,
etc. Demographics are used to learn more about a population’s characteristics

for many reasons (Investopedia, 2014).



Professional Learning Community: When everyone works together to find
and share learning and react to that learning to improve their effectiveness as
professionals so that students have the advantage (McREL. 2003).
Economically Disadvantaged: An individual from an economically
disadvantaged family, including foster children. Those identified individuals
are compared with free or reduced lunch eligible students (Tennessee
Department of Education, 2013).

Tennessee Comprehensive Assessment Program (TCAP): A set of state-
wide assessments given to measure student skills and progress. Student
results are reported to parents, teachers, and administrators (Tennessee
Department of Education, 2013).

Normal Curve Equivalent (NCE): The mapping of percentile data into
corresponding points in a normal distribution. The purpose is to enable data
to be analyzed consistent with the Value-Added Report and the Achievement
Report on the Tennessee Report Card (Tennessee Department of Education,

2013).
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CHAPTER 11
REVIEW OF THE RELATED LITERATURE
Introduction

Over the past several years, educators have been scrutinized for students not being
prepared for college or the workforce when they graduate from high school. Teachers
have felt the pressures of tougher evaluation processes tied to achievement test scores and
merit pay, but for some reason they still remain resistant to collaborating with their
colleagues even if they are not meeting the requirements to maintain their teaching
credentials. Research clearly indicates that there is a positive relationship between
teacher collaboration and student achievement. It also indicates a strong correlation with
new teacher retention (McClure, 2008). Using data to drive or shape classroom
instruction, has also been shown to improve student achievement and close achievement
gaps. It is imperative that educators begin using data-driven collaboration in order that
every student graduate from high school and are unquestionably college or career ready
when they transition to that next phase of their educational experience.

To understand how data-driven collaboration can be used to improve student
achievement, educators need to understand the data that they have available to them
through state achievement tests and classroom formative and summative assessments.
Teachers also need to understand the value of the data they have at their fingertips. They
need to understand how to analyze the data and how to use the data to drive or shape their
instructional practices. Once educators realize and understand this, they can begin to use
data-driven collaboration to improve student achievement and close the achievement gaps

in learning of the students in their classrooms.
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The Importance of Collaboration

According to McClure (2008), RAND researcher Cassandra Guarino and
associates found that beginning teachers were more apt to stay in the profession when
strong mentoring and induction programs were in place. New teacher retention rates
were also higher ip schools where all teachers shared the responsibility for student
success. Guarino also surveyed 2,000 teachers who either worked, or had worked, in
California and discovered that they felt considerable personal satisfaction when they
trusted their self-efficacy, which was created through collaboration. According to
McClure, a study conducted by Susan Kardos and Susan Moore Johnson found that new
teachers were more likely to stay in schools that had a culture where new teacher needs
were acknowledged and every teacher in the school shared the responsibility for the
success of all students. Unfortunately, this is not the norm. McClure (2008) also cited a
study conducted by Goddard and colleagues that found that student achievement
improved when collaboration was centered on curriculum, instruction, and professional
development.

In a study by Leana (2011), it was found that when teachers needed advice or had
questions about their content, they usually turned to other teachers before they would go
to or seek the advice of curriculum consultants or principals because they felt that it was
too risky to admit their vulnerabilities to administrators and other leaders. This is known
as social capital. When the relationships among teachers possess the attribute of trust
along with the presence of numerous interactions, student achievement improves. The
study also showed a relationship among higher gains in Mathematics achievement and

how often teachers communicated with one another about Mathematics content. It was
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also discovered that low ability teachers with strong social capital could perform as well
as average ability teachers. Leana (2011) discovered through research, that a correlation
between social capital and increased student achievement developed, which could also be
contributed to self-efficacy. Social capital was a better indicator of student achievement
gains above teacher experience or teaching ability. When teachers collaborate, they are
exposed to what other teachers feel is important and are better able to incorporate them in
their classroom to meet their students’ needs.

In Jack Berckemeyer’s (2013) article, “Becoming a Team”, he notes that teaming
is essential and teaming is crucially importance to the ability of the team to be able to
rally for a common purpose of the school. Berckemeyer (2013) also stressed the
importance of the team developing a trusting relationship with each other in order to
work together and reach the common goal. The purpose of the team is to improve all
elements of the school experience including student achievement. When educators
collaborate together, great things can and will happen. In order for effective
collaboration to take place, the team must get to know one another outside of just school
related topics or settings. Berckemeyer (2013) also stressed the importance of creating a
team vision, mission, and norms.

There are four types of relationships: parallel play, adversarial, congenial, and
collegial (Barth, 2006). Parallel play enables teachers to stay in isolation hiding what
teachers do in their classrooms and keeping them from improving their classroom
instruction. Educators create adversarial relationships through competition of resources
and acknowledgement. This mentality causes educators to want the failure of their

colleagues rather than help them to be successful for the students’ academic success.
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Congenial relationships are important for educators because it is what makes them want
to go to school each day, but they do not bring collaboration and improved student
learning alone. Collegiality is the hardest to accomplish within an organization, but it is
highly valued by school reformers. When Barth (2006) visits a school, he looks for the
following evidence of collegiality among teachers and principals.

* Teachers discussing practice with one another.

* Teachers sharing their expertise.

* Teachers observing one another as they engage in instruction.

» Teachers cheering each other for one another’s success.
In order for school leaders to create a culture of collegiality, the leader needs to state
expectations precisely, demonstrate collegiality, reward those that use collegiality, and
protect those who engage in collegial behaviors. Success does not come alone; it comes
from participating in an expert group known as colleagues (Barth, 2006). Collegiality is
vital if student achievement is going to increase. Teachers need opportunities to talk
about their practice, share their professional knowledge, observe one another teach, and
encourage each other. School leaders should state expectations clearly, model
collegiality, reward those who interact as colleagues, and protect persons who display
collegial behaviors if they are going to promote collegiality among their faculty. These
are the conditions necessary for positive change to take place.

DuFour and Mattos (2013) suggested that research demonstrates that educators in

schools that have welcomed Professional Learning Communities (PLC) are more likely
to share ownership of student learning. help students achieve at greater levels, and have

higher personal satisfaction with their profession. When teachers share leadership and
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meet with a focus on the right work through Professional Learning Communities
(PLC’s). they improve student achievement and their personal professional application.
There needs to be a culture where the responsibility of student achievement is shared
through collaboration. DuFour and Mattos (2013) found that research demonstrates that
educators in schools that promote Professional Learning Communities (PLC’s) are more
likely to share the responsibility for student learning by helping them learn at more
rigorous levels, and express higher degrees of professional satisfaction. They share
teaching strategies and results, discuss ways to improve instruction and student learning,
and promote shared leadership. Teachers in these schools also participate in professional
development that helps them grow and stay in the teaching profession.

Research has demonstrated the importance of collaboration among teachers for
school improvement. Collaboration gives teachers the opportunity to enhance their
practice in order to improve student achievement. Many schools have begun to recognize
the importance of collaboration and have adapted their school schedules to ensure
teachers have the time to collaborate, but many teachers are still having difficulty making
the best use of their time. For collaboration to be effective, teachers need to have ideal
conditions such as focus. collaborative skills, written group norms, and a discussion
protocol. These conditions enable the time together to be productive. The discussion
should also align with school and district goals (The Center for Comprehensive School
Reform and Improvement, 2010).

Research clearly demonstrates that when teachers participate in professional
development aligned to school initiatives, they are more likely to believe and support the

notion that taking part in collaboration improved student achievement. Collaboration
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time should be focused on improving student achievement. In order to focus on student
achievement, data should direct the discussion on how to improve student learning.
Teachers also have to be willing to share what they learn with one another, and this
requires a great deal of trust and professional respect among group members (The Center
for Comprehensive School Reform and Improvement, 2010). When teachers begin to
share their knowledge, it is a sign that teachers have begun to accept that they don’t know
everything and become learners as well as teachers. In order for real school improvement
to take place, there needs to be structured collaboration with a focus on data and how to
use the data to grow together.

In 2009, Jane David noted that collaboration is important because teachers work
together to determine mutual challenges, analyze important data, and practice
instructional strategies with a goal of improving student achievement. David (2009)
strongly believes and emphasizes that collaboration is not the norm in most schools and
does not occur on its own. Teachers have to be trained in appropriate collaboration skills,
how to collect and use data, and the appropriate action to be taken based upon the results
of the student data. Without training, teachers can become frustrated and stop the
collaborative process. Evidence supports the notion that when educators collaborate,
their knowledge increases, and they make positive changes in their instruction. Teachers
also gain a better understanding of their students and how to meet their individual needs
through collaboration. David (2009) suggested that teachers are more likely to become
motivated and find value in inquiry if it is done through collaboration. Another discovery
was that teacher created formative assessments provided more valuable data than

standardized tests when it came to meeting the needs of their students. Collaboration is a
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hard strategy to implement but is one of the best for enhancing teaching and learning.
Schools need to create a clear and common understanding of the purpose and importance

of collaboration, and they need to meet regularly and have sufficient training in effective

collaboration practices.

Roadblocks to Collaboration

How teachers view collaboration can be a roadblock. If teachers prefer to work
alone or do not trust their colleagues, this can make it extremely difficult for teachers to
be productive. Teachers may also see outsiders as interfering in their territory.
Collaboration can be productive in a climate of positive critical inquiry. Some teachers
may view this as judgmental and their weaknesses will be exposed. Another roadblock to
collaboration is not being focused on collaboration and allowing the team to veer from
the agenda to discuss personal situations or a perceived crisis. Not developing
collaborative skills can result in a roadblock because the group lacks the knowledge of
how to collaborate effectively. To keep these roadblocks from developing, groups should
create written norms and discussion protocols that allow all group members to have the
opportunity to participate (The Center for Comprehensive School Reform and

Improvement, 2010).

Effective Collaboration

Communication and commitment are two necessary components of effective
collaborative teams (Boettcher & McCann, 2013). When communicating with team

members, it is essential that the discussions remain focused and data-based. Team
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members should be able to communicate without fear in order to meet the needs of
students. Members must be willing to strengthen each other’s areas of weaknesses or
deficiencies and accept help when offered, if student achievement is going to improve.

In collaborative cultures, educators work together to employ creative leadership,
and take responsibility for educating all students. The success of all improvement
initiatives depends almost entirely on the attitudes of teachers. When teachers are
provided multiple chances to collaborate with one another, they thrive by increasing their
thinking, effectiveness, and the behaviors that lower the chances of improvement through
change decrease (Kohm & Nance, 2009).

Principals who want a collaborative environment share leadership with teachers
whenever possible. When teachers are involved in the decision-making process, they are
more likely to take ownership of the problems and work to resolve them. A collaborative
culture speeds up the faculty’s ability to improve instruction. In order to create this type
of culture, the principal needs to provide teachers with the necessary skills in order for
collaborative problem-solving to be developed and nurtured. Principals should also be
transparent by sharing information with everyone, discussing changes, and addressing
failures as well as successes (Kohm & Nance. 2009).

Principals need to move away from being the person who establishes the goals to
being the person that creates an environment that enables teachers to create their own
goals. Teachers need to be provided with relevant data in order to set measureable goals
for themselves and the students in their classrooms. Every teacher needs to feel like they
have a voice in setting goals and making decisions. Progress toward goals should be

evaluated throughout the school year in order for the collaborative team to become



18

stronger and to increase student learning. The principal needs to make sure the goals are
narrow and are obtainable. Collaborative cultures establish the confidence teachers need
to influence each other and their students (Kohm & Nance, 2009). Collaborative cultures
develop self-efficacy.

In a study conducted by Wimberley (2011), the research indicated that schools
that collaborated effectively had higher student achievement. In collaborative schools
teachers could obtain help with weaknesses and build on their strengths. Everyone had to
be willing to accept constructive criticism, but the focus remained on increasing student
achievement and improving departmental flaws. Teachers were committed to improving
their teaching skills as well as understanding their students’ learning. Through
collaboration, teachers can develop effectiveness and a sense of belonging.

Through Wimberley's study. it was also discovered that the longer a school had
been practicing teacher collaboration. the higher the level of teacher collaboration, and
the more they shared common formative and summative assessments. It was also found
that the longer the teachers had been collaborating. the higher the scores for student
achievement. There was a higher rate of teacher satisfaction among teachers in these
schools as well.

For effective collaboration to occur. there needs to be an action plan in place
(Cummings. 2014). Effective schools set high expectations for their faculty. staff, and
students. Teachers need to believe that more rigorous lessons in the classroom will have
a positive impact on student learning. The high expectations need to be communicated to
the students regularly and they need to be provided with the resources needed to be

successful. Teachers need to build relationships with their students as well.
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According to Cummings (2014), effective schools administer frequent
assessments to determine student progress, practice collaboration among faculty and staff
members, and have focused professional development. Assessments need to be given
often to determine how teachers need to change or differentiate their instruction. Pre-
assessments are a vital part of differentiating instruction in the classroom. They let
teachers know if students have already mastered the material, inform teachers of student
misconceptions, and allow for differentiation. Formative assessments are administered
during instruction to give teachers and students immediate feedback and enable the
teacher to change instruction if necessary. Summative assessments let teachers know
how much of the material students have mastered and are often utilized as grades for the
students. Collaboration allows teachers to share best practices, analyze data, and creates
a sense of community. Principals need to provide teachers with a set time to collaborate
in order for it to be productive. Teachers also need professional development and should
be included in deciding what professional development is needed based on their needs.

Research has also proven that teachers need to focus on the right work when they
meet. In Professional Learning Communities (PLC’s), principals and educators, ask
themselves the following questions (DuFour & Mattos, 2013):

What should all students be able to do at the end of this unit of study; how much

time should be spent on this unit; what assessments will we use to gather data

about student learning as a team; and how can we use the data to improve

instruction and differentiate instruction to promote increased student learning?

(p-37)
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The Center for Comprehensive School Reform and Improvement (2010) provided
research that stated in order for schools to have effective collaboration there should be a
focus on improving teaching so student learning can improve. Teachers need to discuss
student work including connections to the content standards, expectations for learning,
and the use of rubrics in order to enhance teaching and student learning.

There are also personal steps to effective collaboration: build relationships,
observe the best, as well as to ask questions, to share, and to come prepared. A benefit of
building relationships, especially as a new teacher, is that other teachers get to know you
by name and consider you a colleague not just as the “new teacher” down the hall. It is
also important to observe other teachers often even if they teach a different content. The
important thing is to observe teachers you want to be like. It is important to ask teachers
questions after you observe them in order to implement what you have seen. It is also
important to ask pertinent questions about student data, instruction, and discipline just to
name a few topics. Teachers need to share their frustrations and to get answers from
those that have had the experience already so they have the answers. Additionally, it is
important to share what you have learned even if you think it is trivial because it can

spark other ideas (Johnson, 2014).

Habits of Highly Collaborative Organizations

According to Jacob Morgan (2013). there are twelve habits of highly collaborative
organizations even though they can have different cultures and goals. The first habit is
for the leaders of the organization to lead by example. Otherwise. what will serve to

motivate the employees to utilize and maintain the collaborative tools and strategies.
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Leaders inspire change and promote desirable behaviors. Leaders also need to focus on
the individual benefits of collaboration. People want to know how collaboration will
make their jobs and lives easier, less complicated and simpler. Another habit that
collaborative organizations need to possess is the ability to create a strategy to help its
organization unde’rstand the “why” before they understand the “how”. Without
understanding of the “why”, it is difficult to get people to accept and to support the
“how”. Leaders also need to stay out of the way of their employees. It is good to have
best practices and guidelines, but not if they hinder collaboration from taking place.
Employees should also play a vital role in making decisions. Leaders need to listen to
their employees’ ideas, needs, and suggestions and incorporate their responses into their
best practices and guidelines. It is important for collaboration to fit in the natural flow of
work. Employees should not view collaboration as additional work. Employees need to
be compensated for collaborative work and receive adequate training and resources to
help support the collaborative process. The organization should place an emphasis on
measuring what matters to the success of the organization, not giving up. and continually
moving forward. Collaboration should be not be an option. Collaboration should be
THE option. It is also vital to understand that collaboration does not end. It continuously
changes and becomes something new as the organization changes. Employee
collaboration is good for the customer as well. If there is a problem, the employee can
reach out to the staff for support in order to help the customer. Collaboration is important
in that it allows employees to feel a part of their job, relieves stress, and gives employees

more freedom. It increases job satisfaction.
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Leadership Secrets of Collaboration

Bringing people together to achieve a common goal and maintaining focus and
desire to achieve the goal is a test of leadership and the culture of the organization. Biro
(2013) provided five ways to make intelligent collaboration happen. First, you should
build an online structure for social learning and networking. This allows everyone to
share and get to know one another. Social networks are open 24 hours a day and serve to
build trust. Social networking is a valuable tool for collaboration.

Secondly, Biro explains that the group needs limits in order to develop a respect
among the members for everyone’s space. Some may want to limit the discussion to the
goal of the collaboration and not branch out into personal conversations. Everyone needs
to respect the boundaries set by those in the group. Remember, to get the work done first,
and then move on to more personal discussions. Personal relationships are important
when building a collaborative culture.

Biro (2013) maintains that it is crucially important to get things off your chest
instead of holding them inside. Deal with it in a timely and honest manner. If you deal
with disagreements this way, they are usually resolved quickly and serve to build trust.
There needs to be an established framework for this to take place. Members of the group
also need to be cognizant that there are some things you just have to overlook. Choose
your battles carefully.

Strive to be an inspiration to the group. Have open discussions about what
inspires people. Focus and passion are infectious. There needs to be a culture of sharing
that allows group members to think outside the box and feel safe to share with the group.

Finallv. remember to be vourself because nothing good comes from not being who we are
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meant to be. Everyone has strengths and weaknesses. Do not be afraid to share them

because outstanding things happen when you do.

Increasing Instructional Capacity through Collaboration
If principals want to increase the instructional capacity in their schools, then they
must give educators the time to collaborate. Jaquith (2013) studied two middle schools
with different approaches to collaboration. The middle school with the most significant
increase in instructional capacity utilized collaboration effectively. Cedar Bridge Middle
School had Richard DuFour’s four essential questions for collaboration posted in the
library where the teams met to collaborate.
*  What do we want students to learn?
*  How will we know if students have learned it?
*  What will we do if students don’t learn?
»  What will we do if they do?
These questions were the focus of the collaboration time. The principal also framed the
teachers’ goals for each collaborative planning session and participated which helped the
teachers understand the importance of what they were doing. Teachers created common
lesson plans based off their analysis of student work and implemented the strategies.
In order for instructional capacity to exist among teams. the right structures need
{o be in place. At Cedar Bridge Middle School. the teachers owned instruction, which
was obvious from their common lesson plans created from analyzing student work.
Administrators participated in the collaboration process with teachers and played an

important role in the process. The principals at Cedar Bridge Middle School kept the
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faculty focused on the purpose of collaborative planning through constantly and
consistently asking teachers to focus on certain groups of students and how to help them
improve their learning (Jaquith, 2013). This allowed teachers to close the learning gaps
of their students.

Administrators have to create the right conditions in order to build instructional
capacity as well. These conditions need to allow teachers to learn from each other’s
expertise. At Cedar Bridge Middle School, it was common practice to bring student work
and discuss it at collaborative meetings. This helped develop good learning practices
among teachers as they met. Principals also provided feedback to the teams about their
work, which helped teachers know how and want to achieve instructional capacity
(Jaquith, 2013).

In order to build instructional capacity, principals have to communicate the right
expectations. The principals at Cedar Bridge Middle School implemented conditions that
created learning and teamwork by requiring teachers to collaborate about student work
and create common lessons.

The administration also had to create teams that could work together to improve
instruction and student learning. Principals should include knowledgeable staff on
teacher teams and expand the direction of teachers” goals to include teachers from other
grade levels who have the expertise needed to advance student learning. The teachers at
Cedar Bridge Middle School were also expected to analyze student work and co-plan
lessons and assessments based off their analyses. They used the information to modify

their instructional practice as needed. This created a clear learning focus (Jaquith, 2013).
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When creating a team, the members should have the expertise needed to make the
team successful in achieving its purpose. The team members should be acknowledged
among their colleagues for their expertise. Principals should know how to create, lead,
and support instructional teams in order that instructional capacity is maximized and
sustained (Jaquith, 2013).

Research has clearly demonstrated that teachers continue practicing what they
have learned through professional development when collaboration is the norm.
Teachers need time with one another to discuss student thinking and learning. Teachers
report that the level of support from teachers is important because it makes whatever the
goal you are working toward achieving, a school effort not a teacher effort. Teachers
need continuing collaborative support if they are going to create effective changes in
teaching and learning. Teachers need to be able to work together, to identify, and to
agree on learning expectations of students, as well as to provide each other with
structures that move students forward and enable them to take ownership of their
learning. Ongoing collaboration is crucial in improving student achievement (Dyer,
2013).

When you are collaborating with colleagues. it is a good idea to give someone a
clear leadership role. The group leader should be able to motivate the others to stay on
topic and task which enables them to get the job accomplished. They should also be able
to delegate the work evenly when the need arises so one person does not have to carry the
weight of the entire load. The group should decide on clear goals in order for the group
to stay focused. There also needs to be open communication and the willingness of all

members to honestly discuss progress and address issues (Fernandez, 2012).
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A study conducted by Pollak (2009). discovered that 84% of the teachers involved
in the study preferred to participate in formal and informal collaboration to find best
practices to use in their classrooms. The majority of the teachers who participated in the
survey said they preferred peer collaboration over any other resource the district could
provide. Those involved also said they would prefer to observe their colleagues teach a
lesson. and the second choice was to attend professional development facilitated by a
peer. The teachers were also more willing to teach a professional development to a group
of their peers. In order for effective collaboration to take place, there should be a strong
professional community, focused principal leadership, and teacher influence so that there
can be improved student achievement through the process of building instructional

capacity.

Collaborative Inquiry

Collaborative leadership can take on several forms: one of which is collaborative
inquiry. Teachers in Oakland. California, applied to be a part of the Mills Teacher
Scholars program. The program consists of more than ninety K-1 2 educators that
increase their professional knowledge together through collaborative inquiry. Every new
class presents itselt with new difficulties. requiring teachers who participate start each
vear with an inquisitive mind.  The teachers are not trving to repeat what they did the
previous vear. They continue to be open-minded when it comes to learning about their

students and the best instructional strategies to teach them based upon an analysis of their

needs (Cody. 2013).



27

Each year, teachers begin by creating a list of questions that will serve as their

target for the future inquiries. The teachers decide how they will analyze data, observe
one another teaching, look at student work, and listen to what their students have to say
about their learning. Some of the inquiries that take place are based upon the information
they received from students. When students are aware of the inquiries taking place, they
can contribute to the process. During the course of one school year, a teacher, Mrs.
Simmons, told her students she couldn’t figure out why the students couldn’t retain the
information. One of the students suggested that Mrs. Simmons waited too long to give
them a review over the material. She started doing random mixed reviews, and the
students were able to retain the information and apply it better in new situations (Cody,
2013).

Teachers who are engaged in the inquiry process take ownership and see all group
members as valuable leaders. The teachers who engage in this process become the
experts at their schools. Mrs. Simmons maintained that teachers have a professional
voice through this process. We do not just say we do not like something, or I do not want
to do that. We have evidence that shows what we are doing is not working for our
students, and it gives us more power. We also build trust and open communication
across our school. Through this type of collaboration, you develop a better understanding
of your students and begin to hold yourself accountable (Cody, 2013).

Palmisano (2012) maintained that collaborative inquiry gives educators a new role
of creating professional knowledge by using their classrooms and schools as sites for
research. Collaborative inquiry does not treat students as if there is a one-size-fits-all

solution. Instead. there is a focus on investigating problems and questions that relate to
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student learning in the particular situation and the solution is modeled to the individual
needs of the situation. There is a constant cycle of planning, action, and reflection that
leads the learning experience. Educators look at the data produced from their instruction
and decide how the data is going to impact their instruction. Teachers are no longer
involved in passive learning that is produced by traditional professional development, but
they are learning from the expertise of their colleagues through action and reflection.
There have been several studies that prove the effectiveness of this approach to
professional learning. Evidence has been uncovered that demonstrates a higher level of
instructional practice, increased student achievement, and better organizational conditions
through the collaborative inquiry process. Collaborative inquiry tends to serve diverse
students better than the traditional approach to professional development, and teachers
are more likely to accept ownership of what they have learned. When collaborative
inquiry is practiced, individual and collective action are more focused, logical, and
evidence based (Palmisano, 2012).

According to the Secretariat (2010), inquiry allows educators to refine planning,
instruction. and assessment to become a better master of their craft. Inquiry is driven by
a focus on student learning. Data from student work force teachers to investigate how
their students learn. These investigations allé“' teachers to make informed decisions
about what instructional decisions to make for their students.

There are seven characteristics of teacher inquiry. The first is relevant student
learning guides inquiry. The main goal of teaching is to meet the diverse needs of the
students in the classroom. The evidence teachers gather from student learning is vital if

teachers are to discuss the best way students might learn a particular concept. The second
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characteristic is for teachers to be collaborative. This allows learners to be experienced at
a deeper level. The collaborative process gives perspective and allows teachers to see
student learning from different points of view. The third characteristic is for teachers to
be reflective. Teachers must take time to reflect on students’ participation and learning
outcomes if they are going to meet the needs of their students. This reflection forces the
group to build trust and tolerance of different perspectives. According to the fourth
characteristic, inquiry grows from repeating cycles that develop valued student outcomes.
The fifth characteristic is reasoned analysis that promotes deeper learning. Inductive
reasoning is important during inquiry because educators can draw conclusions about
student learning and alternative explanations for outcomes. Deductive reasoning is also
important because educators can work together to clarify how learning should look.
Adductive reasoning also takes place during inquiry. This is when teachers create and
test a theory. Another characteristic of inquiry is being adaptive. Teachers should be
willing to adapt their thinking, knowledge, and strategies to meet the needs of their
students. The last characteristic is reciprocal, which means theory and practice firmly
connect. It is vital that expert knowledge is used purposefully and strategically. Inquiry

is influential due to the fact it is based on being flexible and practice-driven.

Collaboration and School Improvement

McClure (2008) found case studies that showed collaboration could take many
forms and still improve student achievement. Sometimes teachers met in teams and
compared student work to the standards, and discussed targets for instructional

improvement in their classrooms. Teachers shared common planning time and used data
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to guide their instructional decisions, and the coach or lead teacher met with them. In
some schools teachers created teams to plan their professional development and to make
sure lessons were aligned across the grade levels.

In December 2011, Wimberley conducted a research study on teacher
collaboration and student achievement. Wimberley (2011) found that student
achievement in Mathematics and Reading increased in schools where teachers
collaborated during the contractual day and involved structured strategies and goal
setting. The length of time schools had been effectively collaborating also played a
crucial role in the process for improving student achievement. The schools that were
most successful created SMART goals. Common assessments were also utilized in
schools that collaborated. Collegiality was greater in schools that collaborated, which
improved the atmosphere or climate within the school, as well as the entire district. There
was a Mean Difference of 10.91 among students scoring in the proficient and advanced
levels between collaborative and non-collaborative schools in Reading and a Mean

Difference of 12.71 in Mathematics.

Affects of Collaboration on Low-Income Schools

McClure (2008) maintained that a 2008 practice guide from the U.S. Department
of Education found that collaboration was used often to improve instruction in low-
performing schools within a period of three full school years. Case studies illustrated that
different collaboration methods were utilized in the schools. The collaboration teams in
some of the schools met to compare student work against the standards in order to select

goals for instructional improvement. Other schools shared planning time, analyzed data
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to drive instructional decisions, and obtained support from a coach or other instructional
leader. Still others met to plan their own professional development and to align lessons
across each grade level.

Research by Chenoweth and Theokas (2013) discovered that high-performing
schools located in’low-income communities had effective school leaders that believed in
the process of collaboration. These principals made sure that teachers had time to
collaborate during the school day which they used effectively to discuss and influence
instructional strategies. The principal usually attended these meetings, which emphasized
the importance of the collaborative process, as well as the maximization of student
achievement. Teachers shared their expertise because no individual person has all the
answers. One principal in the study used multiple sources of data to determine what the
teachers’ needs were and planned professional developments based on the needs of the
faculty members. Successful leaders use evidence to determine what works and what
does not in order to continue moving teachers and students forward.

Making changes to instructional practice is the key to improving student learning
in urban schools and other underachieving schools. Hollins (2006) strongly suggested
that to really improve teaching, schools in urban areas need to change from a culture that
places the responsibility of learning barriers on students to a culture that insists teachers
take responsibility as a group for ensuring that students learning is maximized. An
abundant amount of literature suggests that using learning communities and teacher
collaboration to promote professional development leads to the transformation of the

culture in a school to the belief that the responsibility for learning belongs to teachers and
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itis the responsibility of the collective group of professionals in the building for ensuring
that all students learn at the highest levels possible.

According to Hollins (2006) the Urban Literacy Institute worked with three urban
schools in Ohio to help them develop a collaborative culture in an effort to improve the
literacy instruction for their students. Teachers met in school-based teams so that they
could have structured conversations about their teaching. The teachers’ practice
developed into greater collaboration, which enabled them to seek help they would not
have had previously (Hollins, 2006).

The focus of each meeting was the improvement in student literacy. These
discussions lead to teachers taking the responsibility for student learning at their schools
and for them developing positive attitudes toward mandates and policies that sometimes
interfere with their work. Teachers also began to develop a systematic approach to
problems and challenges they face each day.

The culture, which most schools had before they began collaborating, consisted of
those that included beliefs that kept them from improving instruction for their urban
students. During the cultural transition, most of the teachers accepted the relationship
between instructional practices and learning outcomes. Teachers began to take more
responsibility for student learning and for the professional growth of their colleagues.
Teachers also started to regularly discuss the connections between what constituted
quality instruction, a student’s experiences, as well as what were the results of learning.

They also began taking responsibility for each student learning as well as the successes

and the learning of their peers (Hollins. 2006).
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The teachers that did not abandon the project experienced improved student

growth on state mandated tests. Some schools demonstrated great improvement while

others only showed some improvement. One school did not experience very much

growth. which was attributed to the amount of time they spent helping two struggling
teachers. Structured collaborative dialogue seems to be an encouraging professional

practice for educators in urban districts (Hollins, 2006).

Data-Driven Instruction

Often, teachers think formative assessment data that drives instruction need to be
lengthy and complicated but in reality it can be something as simple as an exit card.
According to Doubet (2011), an exit card assessment can be given the last 5-10 minutes
of class to determine who has a working understanding of the standard and who is ready
to move on to the next step in learning. When the teacher has this valuable information,
she is ready to use it to drive instruction. Lessons can be created to address the individual
needs of the students such as correcting misconceptions, closing gaps in understanding,
and to expand knowledge. This data is essential in aiding the teacher in improving
student achievement.

There are five guidelines to follow when collecting and analyzing data (Moore,
2014). The first guideline is that if you are not going to utilize the data, why bother to
collect it. Data should also be easy to use, and should come from many sources. The
data used should be benchmarked or have comparison groups. The final guideline is to

remember to respond to the data and not to react or overreact to it. The measures used to
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obtain data on student performance should be evaluated through four lenses: formative,
summative, qualitative, and value-added.

Teachers need to remember that assessments are only formative when they are
informative and allow the teacher to adjust their strategies. Formative assessments can be
thumbs up, response cards, exit cards, and clicker type questions. This type of data
should be collected daily, weekly, monthly, and quarterly if it is going to improve student
learning. Teachers should work with their colleagues to identify standards and skills for
developing rigorous questions in order to improve their instruction. It is vital for
teachers, schools, and districts to set timelines for giving formative assessments (Moore,
2014). Summative assessments are also important because they encompass state tests
and end-of-course exams. Using this data can help determine instructional quality and
the effectiveness of programs.

Moore (2014) also maintains that qualitative data are important even though they
are not collected very often. Qualitative data can be an effective tool in implementing
school improvement. It is important to know the perceptions of internal and external
stakeholders. Giving team surveys is a great way to find out how well teams work
together, and can be used to provide professional development to improve teamwork.
Teacher surveys help school leaders improve their practice and make better decisions for
the school. Stakeholder surveys allow the school and district to learn about outside
perspectives and allow improvements to be made.

Value-added data is used to estimate the impact that districts, schools, and
teachers have on the academic growth of their students. It also provides a broader picture

by placing students into groups based upon such factors as economic status, parents’
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education. and other categories that can hinder student learning. Value-added data allow
teacher strengths to be identified and students to be matched to those teacher strengths,
especially for intervention groups. Value-added date also allows for a teachers areas of
refinement to be identified (Moore, 2014).

Accordingvto the National Association of Elementary School Principals (2011),
teachers need to use data to drive instruction and meet students’ learning needs by
following a systematic and routine process. Teachers need to collaborate throughout the
process in order to expand the benefits of using data by sharing proven practices,
establishing common expectations for students, developing a deep knowledge of student
needs, and obtaining more effective teaching strategies. To really understand the learning
needs of the students, educators need to collect and analyze data from several sources.
Based on the information provided by National Association of Elementary School
Principals (NAESP, 2011), students need to be involved in reviewing their own data and
setting learning goals. Teachers need to explain their expectations and how students will
be assessed and provide feedback based off the assessments. Student data should be used
to develop necessary instructional changes that allow students to continue to grow
academically. Data and collaboration must be part of the continuing cycle of
instructional improvement in order for the instructional program to be effective.

According to Darnell (2014). students want to have their learning goals clearly
communicated to them. Assessment-literate teachers align instruction to the goals and
how they will assess students. Students also want to be assessed in multiple ways that
have real-life applications. Assessment-literate teachers vary how they assess what

students have learned enabling the teacher and student to develop a clear picture of what
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students understand. Students need feedback about what they have learned so they can
make adjustments to their learning. Students also want teachers to analyze the test results
in order to understand their strengths and weaknesses, show adequate improvement, and
to redo assessments if necessary. Students depend upon teachers to ascertain the major
reasons for their low performance and develop and refine methods for helping them
improve and the best ways for them to improve. Assessment-literate teachers are
constantly analyzing data to improve student achievement.

Since accountability in education has increased, almost all school principals have
begun using data to drive instruction in the classroom (Fenton and Murphy, 2014).
Principals in schools that are improving at rapid rates indicate that data-driven instruction
was one of the most influential factors in realizing the improvement. Improving
instruction will not happen at high rates without analyzing data and using it to increase
student achievement. Fenton and Murphy (2014) maintained that in order to get every
child in high school, college and career ready, every teacher needs to be focused on the
same standards and assessments in every grade level. All texts need to be aligned
precisely to the standards and should reflect the same rigor as the state assessment. Test
data become more relevant when assessments are aligned to the standards, and instruction
can be targeted at helping students master the standards. When educators analyze test
data, they should focus on individual test questions so instruction can be more
meaningful. Analyzing data is very important but it is not worthwhile without productive

action. Using data is essential for improving student achievement.

Another excellent source of data to drive instruction are pre-assessments which

are valuable tools only when implemented and used effectively. Beneficial pre-
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assessments allow teachers to create lessons that differentiate for readiness. Pre-
assessments should be designed to inform the teacher about what the student knows and
is ready to learn. A pre-assessment is considered useless if it does not let the teacher
know what and how students are thinking, what they know, and what they need to know.
Teachers should also consider what students should already know and be able to do
before beginning the unit. Pre-assessments should be designed to measure student
understanding instead of knowledge and ability (Hocket & Doubet, 2014). Hocket and
Doubet (2014) cited a case in which a teacher did not use pre-assessments effectively, so
she stopped using them until the following year when her professional learning
community’s goal was to create effective pre-assessments. While the teacher worked
with her colleagues, she redesigned her pre-assessments to clearly focus on the outcomes
in terms of important knowledge, skills, and conceptual knowledge. When the students
took the pre-assessment the data was more valuable, and the teacher was able to use it to
drive her instruction. Pre-assessments can aid a teacher by bringing potential problem
areas to the forefront, thereby enabling the teacher to redesign the student lessons. which
meet the needs of the students through differentiation. Teachers have to remain
cognizant of readiness changes based on instruction. so placing students in permanent
groups based upon the pre-assessment data is not recommended. Teachers need to
constantly check to see where the students are. what they know. what they have learned,

and what support they need to be successful. Pre-assessments are just one tool for data-

driven instruction (Hocket & Doubet, 2014).

There are two types of data-driven instruction. The first type of data-driven

instruction is the school level and the second is the classroom level. At the school level,
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the faculty and staff look at all the data so they can understand the state of the school
how they got to this point, determine if the school is meeting its targets, know the true
reasons for the gaps, and evaluate what is being successful or not. The classroom data is

the information collected about the effectiveness of teaching strategies, such as common
assessments throughout the year (Bernhardt, 2009).

In order for schools to be effective, educators need to use many forms of
assessments. Not only should teachers assess student learning, they should use the results
of the tests to make instructional decisions. Teachers should collaborate in the
development of pre-assessments, as well as formative and summative assessments.
Teacher developed pre-assessments allow educators to gather data to differentiate
instruction and clear up misconceptions their students have about concepts. Formative
assessments give teachers checkpoints to determine if they need to change their
instruction. Summative assessments help educators make decisions about their
instructional effectiveness and decide if they need to reteach or change what they are

teaching (Cummings, 2014).

Building Data-Driven Instruction
Data is not a powerful tool until its user can precisely understand it and put it into

action to improve student achievement (Siedlecki, 2012). Siedlecki (2012) suggests that

there are five building blocks that need to be in place so that data can be used effectively.

The first building block is that principals and other Jeaders must to be committed in order

that the appropriate cultures in their schools can be created and sustained. This means

that administrators cannot merely support data-driven instruction. but they must also
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participate in the discussions and the decisions made from it. When this takes place,
schools will see significant student achievement gains.

The second building block according to Siedlecki (2012) is that teachers and
principals require data be collected from a variety of sources in order that meaningful
data-driven instruction can occur. The teaching professionals cannot have meaningful
data from multiple sources if they have a narrow view of test data. Data should include
test scores. However, data should also include formative assessments, student
engagement, and student work of all kinds. Data cannot come from only one source or
one type of assessment.

According to Siedlecki (2012), the third building block is the integration of data
tools into the classroom so that teachers are able to analyze the enormous amount of data
they collect on a daily basis. Principals need to remember that there is not one single
assessment tool that solves every problem. Those data collection tools that incorporate
numerous types of computer assisted, as well as the teacher-generated data are the most
beneficial and reliable.

The fourth building block. according to Siedlecki (2012). is making sure that
teachers have the necessary training they require to be able to effectively analyze and use
the data provided. Schools cannot afford to have teachers in possession of critical student
data without the ability and the necessary training and professional development to be
able to analyze the data and to be able to use all the data available for the improvement of

student achievement. Real efforts need to be made to assist teachers in the understanding

of the test data. Schools should have a plethora of teacher support options available, such



40
as professional development or qualified and highly tr

ained instructional coaches to help

enhance teacher data analysis skills.

The last building block mentioned by Siedlecki (2012) is to have a system in
place that ensures that data-driven skills and instruction are implemented as part of the
daily process in the classroom. Siedlecki firmly believes that this is where most schools
fall short. The view of data-driven instruction is one of not being a vital part of teaching
and learning. Principals cannot assume that teachers will use the student data in their
instructional planning process. They have to ensure that they do use the student data
through the development and implementation of specific administrative structures
through which the leadership of the school and the teacher teams discuss data, allows for
blocks of time to plan strategies and analyze the data, provides time to discuss the data
and how the information should be used to change teaching strategies, and time to react
to the data in the classroom. According to Siedlecki (2012), when you have all of these
components in place, you have the framework for making sure that data-driven
instruction can and will occur and flourish in a school.

Accurate and pertinent data can help pinpoint areas of major and minor concern,
demonstrate that students are actually learning and what they are learning, and help in the
development of strategies and answers to the concerns. Sharing of data is very important

between collaboration team members. This provides an avenue where they can share

what they have learned as a result of the data. This level of trust takes time to develop

but is key to improving student learning (The Center for Comprehensive School Reform

and Improvement, 2010).
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Requirements of Data-Driven Instruction

Research has provided ample proof that data-driven instruction improves student
achievement, but there are requirements for it to be effective in improving student
achievement. Schools need to have baseline data on all their students. They need to have
a working knowledge of where their students are at the beginning of the school year in
order to have a place from which to begin the forward movement. There should be clear
targets that explain what students are expected to master by the end of the school year
and what is considered mastery. Throughout the school year, there needs to be a variety
of assessments that provide evidence of student mastery toward the targeted expectations.
Instruction should be focused and planned based on the evidence from student data.
Teachers need to have a clear understanding of what students know and what they do not
know (Thompson, 2010).

Thompson (2010) outlines the process for effective data-driven instruction.
According to Thompson (2010), the first step in the process should be that educators
should focus on areas where students are having their greatest learning difficulties. By
sorting standards and skills into categories of strengths, challenges, and critical needs,
teachers can pinpoint where to start with the instruction for each student. The next step
required of the teachers should be that they target specific needs of students by

completing an item analysis of the skills and concepts. Finally. the last step in

Thompson’s process is to plan classroom instruction that will move students towards the

mastery of the identified skills and concepts. When teachers follow this process and

these procedures, they will quickly realize a significant increase in the level of student

achievement in their classroom and the school as a whole.
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Using Student Data

j p) - ;
McLeod (2005) insisted that using student data to make decisions, requires

teachers to shift their method of thinking from day-to-day instruction that focuses on

process and delivery to one that is essentially centered on the achievement of student
results. McLeod (2005) further maintains that most teachers are not properly equipped or
trained to immediately begin using data-driven approaches to guide instructional
practices in the classroom. Teachers who want to use data-driven methods and are
dedicated to effectively implementing the process, need to know the main parts of
effective data-driven instruction. According to McLeod (2005), the main parts of
effective data-driven instruction include, the collection of good baseline data, the
development of measurable instructional goals, the use of frequent formative assessment,
a commitment to the Professional Learning Community (PLC) concept, and the belief in
and a commitment to the use of focused instructional interventions. Teachers who are
truly data-driven understand the importance of using many measures and indicators when
analyzing school and student success. Teachers need multiple forms of data to create
appropriate interventions for their students because one test cannot provide a teacher with
an accurate measure of student learning.

Alber (2011) outlined three ways by which teachers should use student test data to

inform and improve classroom teaching. Alber provided several good examples of how

student data can inform a teacher’s instruction. The primary example provided by Alber

came straight from an actual classroom instruction. Teachers give formative assessments
o

daily and can use this data to make decisions about instruction and the teaching-learning

process. Formative assessments can be exit slips, short quizzes, as well as many other
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means of whole class responses. It does not have to be long and complicated. Teachers

can use data from observations as well. By simply walking around the classroom and

watching students work, a teacher can gather important data that will provide the teacher
with the data to make immediate alterations to the teaching process such as to adjust
pacing or the use of scaffolding when it is apparent that it is needed based upon what is
observed as the primary needs of the students. Summative assessments give important
information as well. Teachers can use this data to determine how successful their
teaching was and where they need to make important changes in the future.

Alber (2011) also insisted that cumulative files have valuable information that can
help teachers determine causes for student behavior and learning difficulties. When
teachers have access to this kind of information, they can better meet the needs of
individual students. Having data which makes the teacher more knowledgeable of
student needs based upon data collected over the years by other professionals is a
valuable tool. Possessing such important information about a student can help build a
relationship with that student and set learning goals with their input. Teachers can also
provide necessary empathy when it is needed as well as acknowledge a students’
documented hardships, which is crucial in helping to build relationships.

Standardized tests along with other data can help teachers make decisions about
instruction. Alber (2011) provides a number of suggestions for utilizing standardized test
data for such areas as: developing classroom seating arrangements, differentiating

instruction, pacing or scaffolding of lessons, and determining why high performing

students score low on standardized tests. Once teachers have the appropriate data, then

they can begin helping their students reach their potential.
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Accordi . )
ccording to Protheroe (2009), there is sufficient evidence that data can improve

instruction when the data is high quality, targeted, and used by trained staff. Protheroe
found evidence that schools that were successful in closing the gap were more likely to
use data for diagnostic reasons and to more thoroughly analyze the data. Four school
districts that greatly increased student performance on state tests aligned their instruction
with test questions, created a detailed analysis of student responses, and gave timely and
appropriate instruction to rectify any misconceptions by students based upon the
analyses. The four districts began improvements by discussing test data carefully.
Schools that continue to improve, regularly and systematically use student performance
data to determine where they are successful and where they need to improve. Principals
are also actively involved in the collaborative process and discussions aimed at
improving student achievement.

Teachers need good data to be able to disaggregate it by school, classroom, and
specific students. The data should also give a precise analysis by standard or skill plus
overall scores. As has been proposed previously, the importance of using classroom data
in addition to all of the standardized test data is emphasized. Assessment is an every day
occurrence. Before teachers can use data effectively, everything that is done in the
classroom should be aligned with the state standards and state assessment. Once this has
been accomplished, teachers can improve teaching strategies based entirely upon the
student assessment data collected and can differentiate instruction as needed or required
(Protheroe, 2009).

Data systems are an important part of collecting, analyzing. and using data.

Universal screening systems can be used at the beginning and the middle of the school
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vear to pinpoint which students are tracking for success and which students are
essentially considered to be at-risk. At-risk students can be given the proper research-
based interventions in order to help them achieve. Schools are then responsible for the
monitoring of these students to ascertain their progress, as well as to determine if the
interventions are working. Schools should also use formative assessments to measure
student growth and to determine if adjustments need to be made to enhance instruction
(Center on Instruction, 2010).

Once classroom teachers have access to baseline tests, such as state assessments,
they should work with their administration to determine what success is going to look
like in their classrooms. Teachers need to be willing to give honest feedback to building
and district administrators concerning the helpfulness of the data received. The role of
the principal is to provide classroom teachers with precise, timely, and easily understood
data. Building administrators need to be willing to help teachers identify the needs of the
students in their classrooms and to intervene on the behalf of all students. Teachers need
to be willing and ready to make changes when appropriate and when the test data
analyses demonstrate that the changes are warranted (McLeod, 2005).

According to McLeod (2005), teachers also need to have a system in place to
administer formative assessments, so they can adjust instruction based on the needs of

their students. Research has clearly demonstrated that good formative assessments have

a larger impact on student learning and closing achievement gaps than all other

instructional practices. In order for teachers to fully grasp the impact formative

assessments have on learning. they need to collaborate often about student data-based

progress. Teachers should discuss patterns, misconceptions, and student progress in
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reaching year-end goals. Then educators are able to implement interventions that will
enable them to improve student learning. Collaboration has shown to have dramatic
impacts on student learning and teacher satisfaction.

There are in existence a plethora of case studies and interviews that suggest that
using test data caq have a positive impact on the people involved in the educational
process by creating a more professional culture. Research has highlighted that
collaboration increased as educators studied the data and were required to make decisions
based on the data. School leaders involved in data analyses discovered that they became
in charge of their own futures and were able to increase student achievement through
their active involvement in the collaborative process. Collaboration and the employment
of student data were significant contributors in the process of improving the attitudes of
those involved. As a result, the teachers involved usually started to seek professional
advice of others and also were more likely to seek professional development
opportunities designed to improve their skills. Using data also helped change their
attitudes about low-performing groups and caused them to develop higher expectations
for these students (Wayman, 2005).

In order for data to be used effectively, there needs to be several conditions
present that lead to success. These conditions are broken down into three categories.

First, teachers need to have access to high quality student test data such as multiple

measures. Additionally, student data need to be well organized. easy to understand, and

relatively easy to analyze. Finally, the student data need to be accurate, timely, and

disaggregated. Without access to quality data, educators can become frustrated. There is

t0o often a tendency for educators, out of frustration and a lack of quality data, to
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misinterpret and by interpreting the data incorrectly, they can actually be more harmful
than beneficial (Ronka, Geier, & Marciniak, 2010). The next category for data use is
data capacity. Teachers must have the capacity to obtain, understand, and use the data;
otherwise, it is pointless to have the data. Data capacity is the organizational component
that includes team structures, collaborative norms, and defined roles and responsibilities
associated with the data. It also includes technology, data accessibility, and assessment
literacy skills. To have strong data capacity, principals need to ensure that all faculty
members have been well trained in the use and analysis of data. The final category is
data culture. A strong data culture is one where teachers and staff constantly collaborate
on data and its use. It includes strong commitment, a clear vision and beliefs about the
value of data and teaching, and accountability. Teachers are constantly improving
instruction and programs to increase student achievement (Ronka, Geier, & Marciniak,
2010).

For data-driven collaboration to be effective, teachers have to be willing to make
instructional changes that are meaningful. Teachers have to be willing to collaborate to
apply strategic interventions to improve student outcomes. Interventions must be aligned
to state standards, district curricula, and instructional best practices. Teachers must let go
of the mentality that students and families have the greatest impact on student learning
and come to the conclusion that collectively they possess the greatest power over student
learning outcomes (McLeod, 2005).

McLeod (2005) insisted that results-driven teachers are constantly evaluating their
o determine the impact of the instructional practices on student

instructional practices t

outcomes. Any practice or program that interferes with student learning is reexamined
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and modified. Successful teachers also evaluate practices that are working to see if they

can be improved. This is because they understand that even minuscule improvements
add up over the course of time. It is best to set short-term goals in order to see the results

quicker to remain motivated. It is extremely important for administrators and teachers to

collaboratively plan professional development trainings that align to school needs.

Conclusion

Based upon the information presented, data-driven collaboration is vital to
improving student achievement and closing the gaps among sup-groups. School and
district leaders need to play a vital role in collaboration and participate in analyzing the
data so that teachers are encouraged, through their example, and are completely
committed to the use of data-driven collaboration. Educators need to be trained in the
skills necessary to use data and collaborate effectively in order to have a positive impact
on student learning. Teachers need to build relationships within their teams in order to
develop and maintain trust and collegiality if they are going to be able to work together to

meet the diverse needs of the students in their classrooms. Teachers need to embrace the

fact that they have the greatest impact on student learning.
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CHAPTER 111
METHODOLOGY

Introduction

The purpose of this study was to explore the impact of data-driven collaboration
on student academic achievement of students in tested subgroups in the content areas of
Reading and Mathematics. The independent variables are data-driven collaboration,
gender, ethnicity, socio-economic status, and the dependent variables are Mathematics
and Reading based on Tennessee Comprehensive Achievement Program (TCAP) Normal
Curve Equivalency (NCE) scores data and interviews of academic coaches to determine
the frequency and extent of the data-driven collaboration and its impact on student

learning in each school in the fourth, fifth, seventh, and eighth grades.

Research Design

This was a mixed methods study. which includes quantitative and qualitative data.
This study provided averages and distributions of data as well as descriptive data based
on Mathematics and Reading Tennessee Comprehensive Achievement Program (TCAP)
Normal Curve Equivalency (NCE) score data from the 2012-2013 and 2013-2014 school
years and interviews with academic coaches. The researcher used a non-experimental,

causal-comparative research design. Archival data along with data collected from

interviews was used to determine the impact of data-driven collaboration on the academic

achievement of the following subgroups: male. female. majority. minority, non-

economically disadvantaged and economically disadvantaged students in Mathematics

and Readine. A Two-Tailed r-Test was conducted to determine whether there was a
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statistically significant difference for each subgroup among the schools’ T
ennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency (NCE) scores

in Mathematics and Reading for the 2012-2013 and 2013-2014 school years. The Two-

Tailed r-Tests also determined whether or not the Null Hypotheses should be retained or

rejected.

Population

The population for this study consisted of fourth, fifth, seventh and eighth grade
students in one school district selected from schools that have used data-driven
instruction more than three years and from schools that had used data-driven instruction
less than three years. Two elementary and two middle schools were chosen to participate
in this study based on the length of time they had implemented data-driven instruction.
One elementary and one middle school had been practicing data-driven collaboration less
than three years; one elementary and one middle school had been practicing data-driven
collaboration more than three years.

The population at each elementary and middle school varies with regards to socio-
economic status, ethnicity, gender, and mobility of students, which could play a role in
the effectiveness of data-driven instruction on student learning. The four schools were
divided and matched based on the duration of data-driven collaboration and grade levels.

Schools that implemented data-driven instruction for more than three years were

compared to the same grade levels of schools that implemented data-driven instruction

three vears or less. The sample for each grade level is appropriate for generalizing the

population because the sample 1s located in the same district as the population.
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Instrument

The instrument that was utilized in this study to gather standardized test data in
Reading and Mathematics was the Tennessee Comprehensive Assessment Program
(TCAP) test. The TCAP is an annual assessment administered to students in grades third
through eighth thrpughout the state of Tennessee, and particularly, in the school district
where the study was conducted. This assessment utilized selected-response questions in
Reading and Mathematics to measure students’ knowledge and application of standards
taught throughout the school year. Each of the items on the assessment were criterion-
referenced and aligned with the state content standards. The purpose of the test was to
provide summative data on individual student academic achievement and growth. The
data was recorded for individual students at the state level and contained results on
academic achievement and growth for Reading and Mathematics, as well as Science and
Social Studies.

Interviews were also conducted to determine the extent and length of data-driven
collaboration at the schools participating in the study. Academic coaches responded to
the survey questions, and the responses were used to determine the level of data-driven
collaboration at each school. The data from the surveys were then used for making
appropriate comparisons between the schools in the study using the test data collected
from the Tennessee Comprehensive Achievement Program (TCAP) Normal Curve

Equivalency (NCE) scores from the 2012-2013 school year and from the 2013-2014

school year to determine if data-driven collaboration had an impact on student

achievement among various subgroups.
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Procedures

The data used for this study were collected from the school district’s

Accountability Coordinator. This particular individual provided the data requested by the
researcher with the purpose of matching the subgroups within the chosen schools as
accurately as possible. The data were gathered and presented to the researcher in a
codified format to maintain complete anonymity of all participants. The data were
disaggregated according to the length and extent of data-driven collaboration at each
school. Data was divided into the following categories for each school: male, female,
majority, minority, non-economically disadvantaged, and economically disadvantaged
students. Each student’s 2014 Tennessee Comprehensive Achievement Program (TCAP)
Normal Curve Equivalency (NCE) data was subtracted from his or her 2013 Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency (NCE) data
to determine if there was an increase or decrease in achievement.

After each school’s data were collected, the appropriate schools were matched
together and labeled by category so the data could be analyzed. The elementary school
that had been using data-driven collaboration more than three years was matched to the
elementary school that had been using data-driven collaboration for less than three years.
The middle school that had been using data-driven collaboration more than three years

was matched to the middle school that had been using data-driven collaboration for less

than three years. Data was also disaggregated by gender, ethnicity, and socio-economic

status. After each school was matched and the data disaggregated, tables were created for

each school so the data could be analyzed. The appropriate data was placed in each table
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to compare the effects of data-driv

en collaboration on student learning between the

subgroups.

The researcher utilized the data displayed in both tables to generate separate Two-

Tailed 7-Tests. The Two-Tailed -Tests were conducted to determine whether or not there

was a statistical significance on the overal] Tennessee Comprehensive Achievement
Program (TCAP) Normal Curve Equivalency (NCE) scores in Reading and Mathematics
for each subgroup. There were twenty-four Two-Tailed 7-Tests performed to compare
and analyze the data of the schools that have used data-driven collaboration for more than
three years and schools that have used data-driven collaboration for three years or less.
Data from the 2012-2013 school years and from the 2013-2014 school year were
gathered and analyzed for this study. The results of the Two-Tailed #-Tests are reported in
Chapter Four of this field study.

Before interviews of the academic coaches were organized, the researcher
obtained permission from the Director of Instruction and Curriculum and the principals at
each school chosen for the study to conduct the interviews. Then the academic coaches
were contacted to determine if each was willing to participate. After each academic
coach agreed to be interviewed. a time and venue were established. The researcher
emailed the principals and academic coaches the list of interview questions, so any data
could be collected if necessary. The interviews were conducted, and the information was
recorded during the interview by the researcher. The responses were disaggregated by

question and compared to the Tennessee Comprehensive Achievement Program s

Normal Curve Equivalency (NCE) data from each school to determine if there was a

correlation between data-driven collaboration and student achievement.
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Null Hypotheses

1.

(\9]

There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of majority students
in schools that have practiced data-driven collaboration more than three years
as compared to Tennessee Comprehensive Achievement Program (TCAP)
Normal Curve Equivalency (NCE) scores of students in majority groups in
schools that have practiced data-driven collaboration less than three years.
There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of minority students
in schools that have practiced data-driven collaboration more than three years
as compared to Tennessee Comprehensive Achievement Program (TCAP)
Normal Curve Equivalency (NCE) scores of students in minority groups in
schools that have practiced data-driven collaboration less than three years.
There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of female students
in schools that have practiced data-driven collaboration more than three years
as compared to Tennessee Comprehensive Achievement Program (TCAP)

Normal Curve Equivalency (N CE) scores of female students in schools that

have practiced data-driven collaboration less than three years.
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4. There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency

(NCE) scores between the school years of 2013 and 2014 of male students in

schools that have practice data-driven collaboration more than three years as
compared to Tennessee Comprehensive Achievement Program (TCAP)
Normal Curve Equivalency (NCE) scores of male students in schools that
have practiced data-driven collaboration less than three years.

5. There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of economically
disadvantaged students in schools that have practiced data-driven
collaborative more than three years as compared to Tennessee Comprehensive
Achievement Program (TCAP) Normal Curve Equivalency (NCE) scores of
economically disadvantaged students in schools that have practiced data-
driven collaboration less than three years.

6. There will be no statistically significant difference in Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of non-
economically disadvantaged students in schools that have practiced data-

driven collaborative more than three years as compared to the Tennessee

Comprehensive Achievement Program (TCAP) Normal Curve Equivalency

(NCE) scores of non-economically disadvantaged students in schools that

have practiced data-driven collaboration less than three years.
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7. There will be no statistically significant difference in Mathematics Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the schoo] years of 2013 and 2104 of students in
schools utilizing data-driven collaborative practices more than three years as
compared to the Mathematics Tennessee Comprehensive Achievement
Program (TCAP) Normal Curve Equivalency (NCE) scores of students in
schools that practiced data-driven collaboration less than three years.

8. There will be no statistically significant difference in Reading Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) scores between the school years of 2013 and 2014 of students in
schools utilizing data-driven collaborative practices fnore than three years as
compared to the Reading Tennessee Comprehensive Achievement Program
(TCAP) Normal Curve Equivalency (NCE) scores of students in schools that

practiced data-driven collaboration less than three years.

Data Analysis Plan

The Two-Tailed r-Tests were utilized to compare the differences in the Tennessee
Comprehensive Achievement Program (TCAP) Normal Curve Equivalency (NCE) scores

from the 2012-2013 school year and the 201 3-2014 school year of male, female,

majority, minority, non-economically disadvantaged, and economically disadvantaged

students from the fourth, fifth, seventh. and eighth grades. The Two-Tailed 7-Tests were

administered to determine if there was a statistical significance 1n Tennessee
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Comprehensive Achievement Program (TCAP) Normal Curve Equivalency (NCE) scores
for Reading and Mathematics on the state sponsored assessments.

The researcher compared the Normal Curve Equivalency (NCE) gain scores to
determine if they were statistically significant. The differences between the 2013 and
2014 Reading and Mathematics Normal Curve Equivalency (NCE) gain scores on the
Tennessee Comprehensive Achievement Program (TCAP) were compared for the
different subgroups among the schools selected to participate in the study to determine if
data-driven collaboration had an effect on student learning. The researcher analyzed the
data to determine whether or not there was a significant statistical difference between the
Tennessee Comprehensive Achievement Program (TCAP) Normal Curve Equivalency
(NCE) gain scores of students in the sample.

The researcher also compared the data from the interviews of the academic
coaches from each school to determine the extent of data-driven collaboration and to
determine if there is a correlation between the Tennessee Comprehensive Achievement
Program (TCAP) Normal Curve Equivalency (NCE) scores and the extent of data-driven

collaboration. Depending on the findings, the researcher either rejected or retained each

Null Hypothesis.
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CHAPTER IV
RESULTS

Introduction

This study was conducted to determine if the length of time a school has utilized
data-driven instruction has any effect on student achievement. Two elementary schools
were selected for this study. One elementary school had practiced data-driven instruction
less than three years and one elementary school had practiced more than three years.
Two middle schools also participated in the student with the same criteria as the
elementary schools. The number of participants varied based on the subgroup being

compared.

Analysis of Findings
The researcher used JMP software to analyze the data by creating a spreadsheet to

calculate a Two-Tailed 7-Test at the Alpha level, a = .05, to test each hypothesis.

Null Hypothesis 1
There will be no statistically significant difference in Tennessee Comprehensive
Achievement Program (TCAP) Normal Curve Equivalency NCE scores between the

years of 2013 and 2014 of majority students in schools that have practiced data-driven

collaboration more than three years as compared to TCAP NCE scores of students in

majority groups in schools that have practiced data-driven collaboration less than three

years.
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The researcher utilized the participants in the majority group’s fourth and fifth
grade Mathematics Normal Curve Equivalency (NCE) gain scores from the 2012-2013
school year and the 2013-2014 school year from Elementary School 1, which had
practiced data-driven collaboration less than three years and Elementary School 2, which
has practiced data-driven collaboration more than three years. The Mean for the majority

group from Elementary School 1 was -0.50 with a Standard Deviation of 13.09 (see Table

).

TABLE 1

Two-tailed t-Test at the a = .05 Level Evaluating Majority Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, Which has Used
Data-Driven Collaboration Less than Three Years, and Elementary School 2, Which has
Used Data-Driven Collaboration More than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 105 -0.50 13.09
0.49

2 110 -0.56 14.10
* Significant at p <.05

The Mean for the majority group from Elementary School 2 was -0.56 with a
Standard Deviation of 14.10. The researcher used a Two-Tailed z-Test that was tested at

the Alpha level, & = .05, to determine if the length of time of data-driven instruction

influences majority students achievement. The Two-Tailed #-Test yielded at p = 0.49.

The results led the researcher to retain Null Hypothesis 1 for evaluating majority students

Mathematics Normal Curve Equivalency (NCE) gains comparing elementary school 1,
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which has used data-driven collaboration Jess than three years, and elementary school 2

which has used data-driven collaboration more than three years. (TABLE 1 illustrates the
results of the Two-Tailed t-Test)

The researcher utilized the participants in the majority group’s fourth and fifth
grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school year and the 2013-2014 school year from Elementary School 1, which has
practiced data-driven collaboration less than three years and Elementary School 2, which
has practiced data-driven collaboration more than three years. The Mean for the majority
group from Elementary School 1 was 1.62 with a Standard Deviation of 13.59. The
Mean for the majority group from Elementary School 2 was 0.38 with a Standard

Deviation of 11.62. (See TABLE 2 for the Mean scores)

TABLE 2

I'wo-Tailed t-Test at the a = .05 Level Evaluating Majority Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary School 2, which has used
Data-Driven Collaboration More than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 105 1.62 13.59
0.24

2 110 0.38 11.62

*Significant at p <.05

The researcher used a Two-Tailed 7-Test that was tested at the Alpha level, a = .05, to

determine if the length of time of data-driven instruction influences majority students
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achievement. The Two-Tailed r-Test yielded an Alpha of P = 0.24. The results led the

researcher to retain the Null Hypothesis for evaluating majority students Reading Normal
Curve Equivalency (NCE) gains comparing Elementary School 1, which has used data-
driven collaboration less than three years, and Elementary School 2, which has used data-
driven collaboratign more than three years. (TABLE 2 illustrates the Mean scores and
the Standard Deviation for each school in the comparison and the results of the Two-
Tailed -Test)

The researcher utilized the participants in the majority group’s seventh and eighth
grade Mathematics Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school year and the 2013-2014 school year from Middle School 1, which has practiced
data-driven collaboration less than three years and Middle School 2, which has practiced
data-driven collaboration more than three years. The Mean for the majority group from
Middle School 1 was 2.29 with a Standard Deviation of 12.09. The Mean for the
majority group from Middle School 2 was -1.05 with a Standard Deviation of 13.00. The
researcher used a Two-Tailed 7-Test that was tested at the Alpha level. a = .05, to
determine if the length of time of data-driven instruction influenced majority students
achievement. The Two-Tailed r-Test vielded at p = 0.01. The results led the researcher
to reject the Null Hypothesis for evaluating majority students Mathematics Normal Curve
Equivalency (NCE) gains comparing Middle School 1. which has used data-driven
_which has used data-driven

collaboration less than three years. and Middle School 2

collaboration more than three years. (TABLE 3 illustrates the Mean scores and the

Standard Deviation for each school in the comparison and the results of the Two-Tailed 7-

Test)
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TABLE 3

r v‘“’"Ta i éfd " "T est at the A/phq a =.05 Level Evaluating Majority Students Mathematics
Normal Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used

Data-Driven Collaboration less than Three Years, and Mi
| i Mid ]
Data-Driven Collaboration more than Three Years e School 2, which has wed

Middle School Participants Mean Standard Deviation p-Value

1 213 2.29 12.09

0.01%*

2 162 -1.05 13.00

*Significant at p <0.05

The researcher utilized the participants in the majority group’s seventh and eighth
grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school year and the 2013-2014 school year from Middle School 1, which has practiced
data-driven collaboration less than three years and Middle School 2, which has practiced
data-driven collaboration for more than three years. The Mean for the majority group
from Middle School 1 was -1.47 with a Standard Deviation of 12.20. The Mean for the
majority group from Middle School 2 was -0.45 with a Standard Deviation of 12.57.

The researcher used a Two-Tailed #-Test that was tested at the Alpha level, a =
05. to determine if the length of time of data-driven instruction influences majority
evement. The Two-Tailed t-Test yielded at p = 0.78. The results led the

students achi

researcher to retain the Null Hypothesis for evaluating majority students Reading Normal

Curve Equivalency (NCE) gains comparing Middle School 1, which has used data-driven

collaboration less than three years. and Middle School 2. which has used data-driven
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Co]laboration more than three years. (] 1
3 ; ABLE 4 illustrate
s the Mean scores and the

Standard Deviation for each school in the comparison and the results of the Two-Tailed ¢-

Test)

Table 4

Two-T. ailea.' t-Test at the a = .05 Level Evaluating Majority Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used Data-

Driven Collaboration less than Three Years, and Middl .
; S ) L
Driven Collaboration More than Three Years e L

Middle School Participants Mean Standard Deviation p-Value
1 213 -1.47 12.20
0.78
2 162 -0.45 12.57

*Significant at p < .05

There was not a statistically significant difference among majority students’

Mathematics and Reading Normal Curve Equivalency (NCE) gain scores between
Elementary School 1 and Elementary School 2. However, the results indicated that a

statistically significant difference existed among majority students’ Mathematics Normal

Curve Equivalency (NCE) gain sores between Middle School 1 and Middle School 2

with Middle School 1 outperforming Middle School 2. but there was not a statistically

significant difference between Reading Normal Curve Equivalency (NCE) gain scores for

Middle School 1 and Middle School 2.
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Null Hypothesis 2

There will be no statistically significant difference in Tennessee Comprehensive
Achievement Program (TCAP) Normal Curve Equivalency NCE scores between the
years of 2013 and 2014 of minority students in schools that have practiced data-driven
collaboration more than three years as compared to TCAP NCE scores of students in
minority groups in schools that have practiced data-driven collaboration less than three
years.

The researcher utilized the participants in the minority group’s fourth and fifth
grade Math NCE growth scores from the 2012-2013 school year and the 2013-2014
school year from Elementary School 1, which has practiced data-driven collaboration less
than three years and Elementary School 2, which has practiced data-driven collaboration
more than three years. The Mean for the minority group from Elementary School 1 was -
7.29 with a Standard Deviation was 10.11. The Mean for the minority group from
Elementary School 2 was -1.62 with a Standard Deviation of 13.56. The researcher used
a Two-Tailed r-Test that was tested at the Alpha level, a = .05. to determine if the length
of time of data-driven instruction influences minority students achievement. The Two-
Tailed r-Test yielded at p = 0.95. The results led the researcher to retain the Null
Hypothesis 2 for evaluating minority students Mathematics Normal Curve Equivalency

(NCE) gains comparing Elementary School 1, which has used data-driven collaboration

less than three years, and Elementary School 2. which has used data-driven collaboration

more than three years. (TABLE 5 illustrates the Mean scores and the Standard Deviation

for each school in the comparison and the results of the Two-Tailed -Test)
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Table 5

T‘wo-Tui/cd. T-Tesl at I{uj a= .Q5 Level Evaluating Minority Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-

Driven Collaboration less than Three Years, and El
: ) ement i
Data-Driven Collaboration more than Three Years BRI, Rt

Elementary School Participants Mean Standard Deviation  p-Value

1 21 -7.29 10.11

0.95
2 26 -1.62 13.56

*Significant at p <.05

The researcher utilized the participants in the minority group’s fourth and fifth
grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school year and the 2013-2014 school year from Elementary School 1, which has
practiced data-driven collaboration less than three years and Elementary School 2, which
has practiced data-driven collaboration more than three years. The Mean for the minority
group from Elementary School 1 was -5.43 with a Standard Deviation was 14.73. The
Mean for the minority group from Elementary School 2 was -3.00 with a Standard
Deviation was 13.85. The researcher used a Two-Tailed 7-Test that was tested at the

Alpha level, a = .05, t0 determine if the length of time of data-driven instruction

M 1 = 2
influences minority students achievement. The two-tailed 7-Test yielded at p 0.72. The

results led the researcher to retain the null hypothesis for evaluating minority students

Reading Normal Curve Equivalency (NCE) gains comparing Elementary School 1, which

; 7 whi
has used data-driven collaboration less than three years. and Elementary School 2, which
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has used data-driven collaboration more than three years. (TABLE 6 illustrates the M
. e Mean

scores and the Standard Deviation for each school in the comparison and the results of

the Two-Tailed 7-Test)

Table 6

Two-tailed .t—T est at the a = .05 Level Evaluating Minority Students Reading Normal
Cu{~\'e Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary Sch(;ol 2, which has used
Data-Driven Collaboration more than Three Years ’ .

Elementary School Participants Mean Standard Deviation p-Value

1 21 -5.43 14.73
0.72

2 26 -3.00 13.85

*Significant at p <.05

The researcher utilized the participants in the minority group’s seventh and eighth
grade Mathematics Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school year and the 2013-2014 school year from Middle School 1, which has practiced
data-driven collaboration less than three years and Middle School 2, which has practiced
more than three years. The Mean for the minority group from

data-driven collaboration

Middle School 1 was 0.58 with a Standard Deviation was 13.13. The Mean for the

minority group from Middle School 2 was _1.20 with a Standard Deviation was 11.54.
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Table 7

7?1‘0-T(1i/04 .t- TCS’, - Ifqe = '0,5 Level Evaluar ing Minority Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Middle School , Which has used Data-

Driven Collaboration less than Three Years, and Midd :
Driven Collaboration wore than Three Yealis iddle School 2, which has used Data-

Middle School Participants Mean Standard Deviation p-Value
1 225 0.58 13.13
0.06
2 225 -1.20 11.54
*Significant at p <.05

The researcher used a Two-Tailed 7-Test that was tested at the Alpha level, a =
.05, to determine if the length of time of data-driven instruction influences minority
students achievement. The Two-Tailed #-Test yielded at p = 0.06. The results led the
researcher to retain the null hypothesis for evaluating minority students Mathematics
Normal Curve Equivalency (NCE) gains comparing Middle School 1, which has used
data-driven collaboration less than three years, and Middle School 2, which has used
data-driven collaboration more than three years. (Table 7 illustrates the Mean scores and

the Standard Deviation for each school in the comparison and the results of the Two-

Tailed #-Test)

The researcher utilized the participants in the minority group’s seventh and eighth

grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-2013

school vear and 2013-2014 school year from Middle School 1, which has practiced data-

driven collaboration less than three years and Middle School 2, which has [practicel aHta-



The researcher used a Two-Taijled I-Test that was tested at the Alpha level, ¢ = .05, to
determine if the length of time of data-driven instruction influences minority students
achievement. The r-Test yielded at P =0.99. Therefore, the results led the researcher to
retain the Null Hypothesis 2 for evaluating minority students Reading Normal Curve
Equivalency (NCE) gains comparing Middle School 1, which has used data-driven
collaboration less than three years, and Middle School 2, which has used data-driven
collaboration more than three years. (Table 8 illustrates the Mean scores and the
Standard Deviation for each school in the comparison and the results of the Two-Tailed z-

Test)

Table 8

T'wo-Tailed t-Test at the a = .05 Level Evaluating Minority Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-

Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation p-Value
1 223 -1.08 11.90
0.99
3 225 1.57 11.54

*Significant at p < .05
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There was not a statistically si gnificant difference between minority students’

Math and Reading NCE gains between Elementary School 1 and Elementary School 2
and Middle School 1 and Middle Schoo] 2.

Null Hypothesis 3

There will be no statistically significant difference in Tennessee Comprehensive
Achievement Program (TCAP) Norﬁal Curve Equivalency NCE scores between the
years of 2013 and 2014 of female students in schools that have practiced data-driven
collaboration more than three years as compared to TCAP NCE scores of female students
in schools that have practiced data-driven collaboration less than three years.

The researcher utilized the female participants fourth and fifth grade Mathematics
Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the
2013-2014 school year from Elementary School 1, which has practiced data-driven
collaboration less than three years and Elementary School 2, which has practiced data-
driven collaboration more than three years. The Mean for the females from Elementary
School 1 was -1.75 with a Standard Deviation was 10.98. The Mean for the females from
Elementary School 2 was -1.92 with a Standard Deviation was 11.34. The researcher
used a Two-Tailed 7-Test that was tested at the Alpha level, a = .05, to determine if the
length of time of data-driven instruction influences female students achievement. The

Two-Tailed ¢-Test yielded at p = 0.47. The results led the researcher to retain the Null

Hypothesis 3 for evaluating female students Mathematics Normal Curve Equivalency

(NCE) gains comparing Elementary School 1. which has used data-driven collaboration
g )

less than three years, and Elementary School 2, which has used data-driven collaboration
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for each school in the comparison and the results of the Two-Tailed 7-Test)

Table 9

Two-T allea.f t-Test at the a = .05 Level Evaluating Female Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary Sch(;ol 2, which has used
Data-Driven Collaboration more than Three Years ’

Elementary School Participants Mean Standard Deviation p-Value

1 63 -1.75 10.98

0.47

o

59 -1.92 11.34

*Significant at p <.05

The researcher utilized the female participants fourth and fifth grade Reading
Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the
2013-2014 school year from Elementary School 1. which has practiced data-driven
collaboration less than three years and Elementary School 2. which has practiced data-
driven collaboration more than three years. The Mean for the females from Elementary

School 1 was -1.60 with a Standard Deviation of 13.39. The Mean for the female from

Elementary School 2 was -1.93 with a Standard Deviation was 11.61. The researcher

used a Two-Tailed ¢-Test that was tested at the Alpha level. a = .05. to determine if the

length of time of data-driven instruction influenced female students achievement. The

Two-Tailed i-Test vielded a p = 0.44. The results led the researcher to retain the Null
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Hypothesis 3 for evaluating female students Reading Normal Curve Equivalency (NCE)
gains comparing Elementary School 1, which has used data-driven collaboration less than
three years, and Elementary School 2, which has used data-driven collaboration more

than three years. (Table 10 illustrates the Mean scores and the Standard Deviation for

each school in the comparison and the results of the Two-Tailed 1-Test)

Table 10

Two-Tailed t-Test at the a = .05 Level Evaluating Female Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary School 2, which has used
Data-Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 63 -1.60 13.39
0.44

2 59 -1.93 11.61

*Significant at p <.05

The researcher utilized the female participants seventh and eighth grade

Mathematics Normal Curve Equivalency (NCE) growth scores from the 2012-2013
school vear and the 2013-2014 school year from Middle School 1. which has practiced

data-driven collaboration less than three years and Middle School 2, which has practiced

data-driven collaboration more than three years. The Mean for the females from Middle

School 1 was 3.03 with a Standard Deviation was 12.94. The Mean for the female from

Middle School 2 was 0.21 with a Standard Deviation was 10.86. The researcher used a
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I'wo-Tailed 7-Test that was tested at the Alpha level, o = 05, to determine if the length of

time of data-driven instruction influences female students achievement. The Two-Tailed

r-Test yielded at p = 0.01. The results led the researcher to reject the Null Hypothesis 3

for evaluating female students Mathematics Normal Curve Equivalency (NCE) gains
comparing Middl¢ School 1, which has used data-driven collaboration less than three
vears, and Middle School 2, which has used data-driven collaboration more than three

years. (Table 11 illustrates the Mean scores and the Standard Deviation for each school

in the comparison and the results of the Two-Tailed 1-Test)

Table 11

Two-Tailed t-Test at the a = .05 Level Evaluating Female Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-
Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation  p-Value
1 207 3.03 12.94
0.01*
2 191 0.21 10.86

*Significant at p <.05

The researcher utilized the female participants seventh and eighth grade Reading

Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the

2013-2014 school vear from Middle School 1. which has practiced data-driven

collaboration less than three years and Middle School 2. which has practiced data-driven
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collaboration more than three years. The Mean for the females from Middle School 1
e Schoo

was -2.71 with a Standard Deviation was 11.37. The Mean for the female from Middle

School 2 was 0.66 with a Standard Deviation was 12.25. The researcher used a Two-
Tailed 7-Test that was tested at the Alpha level, a = .05, to determine if the length of time
of data-driven instruction influences female students achievement. The administration of
the Two-Tailed -Test yielded at P =1.00. The results led the researcher to retain the
Null Hypothesis for evaluating female students Reading Normal Curve Equivalency
(NCE) gain scores when comparing Middle School 1, which has used data-driven
collaboration less than three years, and Middle School 2, which has used data-driven
collaboration more than three years. (Table 12 illustrates the Mean scores and the
Standard Deviation for each school in the comparison and the results of the Two-Tailed 7-

Test)

Table 12

I'wo-Tailed t-Test at the a = .05 Level Evaluating Female Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-

Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation p-Value
1 206 -2.71 11.37
1.00
2 191 0.66 12.25

*Significant at p <.05
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There was not a statistically significant difference among female students’
Mathematics and Reading Normal Curve Equivalency (NCE) gain scores between
Elementary School 1 and Elementary School 2. However, the results showed a
statistically significant difference among female students’ Mathematics Normal Curve
Equivalency (NCE) gain scores between Middle School 1 and Middle School 2 with
Middle School 1 outperforming Middle School 2. There was not a statistically significant

difference between the Reading Normal Curve Equivalency (NCE) gain scores for

Middle School 1 and Middle School 2.

Null Hypothesis 4
There will be no statistically significant difference in Tennessee

Comprehensive Achievement Program (TCAP) Normal Curve Equivalency NCE scores
between the years of 2013 and 2014 of male students in schools that have practice data-
driven collaboration more than three years as compared to TCAP NCE scores of male
students in schools that have practiced data-driven collaboration less than three years.

The researcher utilized the male participants fourth and fifth grade Mathematics
Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the
2013-2014 school year from Elementary School 1. which has practiced data-driven
collaboration less than three years and Elementary School 2. which has practiced data-

driven collaboration more than three years. The Mean for the males from Elementary

School 1 was -1.51 with a Standard Deviation of 16.09. The Mean for the males from

Elementary School 2 was -0.17 with a Standard Deviation of 14.38. The researcher used

a Two-Tailed /-Test that was tested at the Alpha level. a = .05, to determine if the length
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of time of data-driven instruction influences male students achievement. The Two-Tailed

-Test yielded a p = 0.73. The results led the researcher to retain the Null Hypothesis for

evaluating male students Mathematics Normal Curve Equivalency (NCE) gain scores
comparing Elementary School 1, which has used data-driven collaboration less than three
years, and Elementary School 2, which has used data-driven collaboration more than
three years. (Table 13 illustrates the Mean scores and the Standard Deviation for each

school in the comparison and the results of the Two-Tailed t-Test)

Table 13

Two-Tailed t-Test at the a = .05 Level Evaluating Male Students Mathematics Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary School 2, which has used
Data-Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 63 -1.51 16.09

0.73

2 77 -0.17 14.38

*Significant at p <.05

The researcher utilized the male participants fourth and fifth grade Reading

Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the

2013-2014 school vear from Elementary School 1, which has practiced data-driven

collaboration less than three years and Elementary School 2. which has practiced data-

t
driven collaboration more than three years. The Mean for the males from Elementary
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School 1 was 2.49 with a Standard Deviation of 14.35 The Mean for the males fi
Sl rom

Elementary School 2 was 1.01 with a Standard Deviation of 12.3 8. The researcher used a

Two-Tailed 7-Test that was tested at the Alpha level, a = .05, to determine if the length of
time of data-driven instruction influences male students achievement. The administration
of the Two-Tailed #-Test yielded a P =0.26. The results led the researcher to retain the
Null Hypothesis for evaluating male students Reading NCE gains comparing Elementary
School 1, which has used data-driven collaboration less than three years, and Elementary
School 2, which has used data-driven collaboration more than three years. (Table 14

illustrates the Mean scores and the Standard Deviation for each school in the comparison

and the results of the Two-Tailed z-Test)

Table 14

T'wo-Tailed t-Test at the a = .05 Level Evaluating Male Students Reading Normal Curve
Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-Driven
Collaboration less than Three Years, and Elementary School 2, which has used Data-
Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value

I 63 2.49 14.35
0.26
2 77 1.01 12.38
*Significant at p <.05
The researcher utilized the male participants seventh and eighth grade
2-2013

Mathematics Normal Curve Equivalency (NCE) growth scores from the 20
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school year and the 2013-2014 school year from Midd]e School 1, which has practiced

data-driven collaboration less than three years and Midd]e School 2, which has practiced

data-driven collaboration more than three years. The Mean for the males from Middle
School 1 was -0.03 with a Standard Deviation of 12.35. The Mean for the males from

Middle School 2 was -2.44 with a Standard Deviation of 13.19.

Table 15

Two-Tailed t-Test at the a = .05 Level Evaluating Male Students Mathematics Normal
Curve Equivalency (NCE) Gain Scores Comparing Middle School 1, which has used
Data-Driven Collaboration less than Three Years, and Middle School 2, which has used
Data-Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation  p-Value
1 233 -0.03 12.35
0.03*
2 196 -2.44 13.19

*Significant at p <.05

The researcher used a Two-Tailed ¢-Test that was tested at the Alpha level, a =
05. to determine if the length of time of data-driven instruction influenced male students
achievement. The administration of the Two-Tailed 7-Test yielded a p = 0.03. The

results led the researcher to reject the Null Hypothesis for evaluating male students

Mathematics Normal Curve Equivalency (NCE) gain scores comparing Middle School 1.

: ' 2
which has used data-driven collaboration less than three years, and Middle School 2.

which has used data-driven collaboration more than three vears. (Table 15 illustrates the
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Mean scores and the Standard Deviation for each school in the comparison and the results

of the Two-Tailed -Test)

The researcher utilized the male participants seventh and eighth grade Reading

Normal Curve Equivalency (NCE) growth scores from the 2012-2013 school year and the

2013-2014 school year from Middle School 1, which has practiced data-driven

collaboration less than three years and Middle Schoo] 2, which has practiced data-driven
collaboration more than three years. The Mean for the males from Middle School 1 was
0.01 with a Standard Deviation of 12.47. The Mean for the males from Middle School 2
was 0.79 with a Standard Deviation of 11.80. The researcher used a Two-Tailed - Test
that was tested at the Alpha level, a = .05, to determine if the length of time of data-
driven instruction influenced male students achievement. The Two-Tailed -Test yielded
atp = 0.75. The results led the researcher to retain the Null Hypothesis for evaluating
male students Reading Normal Curve Equivalency (NCE) gain scores comparing Middle
School 1, which has used data-driven collaboration less than three years, and Middle
School 2, which has used data-driven collaboration more than three years. (Table 16
illustrates the Mean scores and the Standard Deviation for each school in the comparison
and the results of the Two-Tailed -Test)

There was not a statistically significant difference among male students’

Mathematics and Reading Normal Curve Equivalency (NCE) gain scores between

Elementary School 1 and Elementary School 2. However, the results did indicate a

statistically significant difference among male students” Mathematics Normal Curve

Equivalency (NCE) gain scores between Middle School 1 and Middle School 2 with

Middle School 1 outperforming Middle School 2. There was not a statistically significant
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difference between the Reading Normal Curve Equivalency (NCE) gain s f
cores for

Middle School 1 and Middle Schoo] 2.

Table 16

Two-Tailed t-Test at the a = .05 Level Evaluati
. : ; ng Male Students Reading N [
Equivalency (NCE) Gains Comparing Middle School 1, which has useng)atfz’:gfivg: e

Collaboration less than Three Years, and Middle Sch hi j
Collaboration more than Three Years SR S A G et

Middle School Participants Mean Standard Deviation  p-Value
1 232 0.01 12.47
0.75
2 196 0.79 11.80

*Significant at p <.05

Null Hypothesis 5

There will be no statistically significant difference in Tennessee Comprehensive
Achievement Program (TCAP) Normal Curve Equivalency NCE scores between the
years of 2013 and 2014 of economically disadvantaged students in schools that have
practiced data-driven collaboration more than three years as compared to TCAP NCE

scores of economically disadvantaged students in schools that have practiced data-driven

collaboration less than three years.

The researcher utilized the economically disadvantaged participants fourth and

fifth grade Mathematics Normal Curve Equivalency (NCE) gain scores from e 201

2013 school year and the 2013-2014 school year from Elementary School 1. which has
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practiced data-driven collaboration less than three years and Elementary School 2, which
2, whic

has practiced data-driven collaboration more than three years. The Mean for th
. or the

economically disadvantaged from Elementary School 1 was 3.92 with a Standard

Deviation of 14.57. The Mean for the economically disadvantaged from Elementary

School 2 was -0.21 with a Standard Deviation of 15.23.

Table 17

Two-Tailed t-Test at the a = .05 Level Evaluating Economically Disadvantaged Students
Mathematics Normal Curve Equivalency (NCE) Gain Scores Comparing Elementary
School 1, which has used Data-Driven Collaboration less than Three Years. and
Elementary School 2, which has used Data-Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 25 -3.92 14.57
0.85*
2 57 -0.21 1523
*Significant at p <.05

The researcher used a Two-Tailed #-Test that was tested at the Alpha level, a =

.05, to determine if the length of time of data-driven instruction influences economically

students achievement. The administration of the Two-tailed ¢-Test yielded a p = 0.85.

The results led the researcher to retain the Null Hypothesis for evaluating economically

disadvantaged students Mathematics Normal Curve Equivalency (NCE) gain scores

comparing Elementary School 1, which has used data-driven collaboration less than three
g )

years, and Elementary School 2, which has used data-driven collaboration more than
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three years. (Table 17 illustrates the Mean scores and the Standard Deviation fic h
I eac

school in the comparison and the results of the Two-Tailed -Test)

The researcher uiilized the economically disadvantaged participants fourth and
fifth grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-
2013 school year and the 2013-2014 school year from Elementary School 1, which has
practiced data-driven collaboration less than three years and Elementary School 2, which
has practiced data-driven collaboration more than three years. The Mean for the
economically disadvantaged from Elementary School 1 was 1.04 with a Standard
Deviation of 15.54. The Mean for the economically disadvantaged from Elementary

School 2 was -2.67 with a Standard Deviation of 13.33.

Table 18

Two-Tailed t-Test at the a = .05 Level Evaluating Low Socio-Economic Students Reading
Normal Curve Equivalency (NCE) Gain Scores Comparing Elementary School 1, which
has used Data-Driven Collaboration less than Three Years, and Elementary School 2,
which has used Data-Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value

1 25 1.04 15.54
0.15
) 57 D67 13.33

*Significant at p <.05

The researcher administered a Two-Tailed 7-Test that was tested at the Alpha

' . .. .
level. ¢ = 05. to determine if the length of time of data-driven instruction influence
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economically students achievement. The administration of the Two-Tailed z-Test yielded
p——rd ; .

ap = 0.15. The results led the researcher to retain the Null Hypothesis for evaluating low

socio-economic students Reading Normal Curve Equivalency (N CE) gain scores

comparing Elementary School 1, which has used data-driven collaboration less than three

years, and Elementary School 2, which has used data-driven collaboration more than

three years. (Table 18 illustrates the Mean scores and the Standard Deviation for each
school in the comparison and the results of the Two-Tailed -Test)

The researcher utilized the economically disadvantaged participants seventh and
eighth grade Mathematics Normal Curve Equivalency (NCE) growth scores from the
2012-2013 school year and the 2013-2014 school year from Middle School 1, which has
practiced data-driven collaboration less than three years and Middle School 2, which has
practiced data-driven collaboration more than three years. The Mean for the
economically disadvantaged from Middle School 1 was 1.39 with a Standard Deviation
of 11.52. The Mean for the economically disadvantaged from Middle School 2 was -1.49
with a Standard Deviation of 11.26. The researcher used a Two-Tailed #-Test that was
tested at the Alpha level, a = .05, to determine if the length of time of data-driven
instruction influenced economically disadvantaged students achievement. The
administration of the two-tailed #-Test yielded a p = 0.01. The results led the researcher

to reject the Null Hypothesis for evaluating economically disadvantaged students

Mathematics Normal Curve Equivalency (NCE) gain scores comparing Middle School 1,

which has used data-driven collaboration Jess than three years, and Middle School 2,

which has used data-driven collaboration more than three years. (Table 19 illustrates the
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Mean scores and the Standard Deviation for each school in the comparison and the results

of the Two-Tailed #-Test)

Table 19

Two-Tailed t-Test at the a = .05 Level Evaluatin 1 ]

; ‘ L9 4 g Economically Disadvantaged Student.
Marhqmtzcs Normal Curve. Equivalency (NCE) Gain Scores Comparing Mz‘fldle SchoZlS
i whz'ch has used Data-Driven Collaboration less than Three Years. and Middle School
2, which has used Data-Driven Collaboration more than T, hree Yeaf:s

Middle School Participants Mean Standard Deviation p-Value
1 186 1.39 11.52
0.01*
2 172 -1.49 11.26
*Significant at p <.05

The researcher utilized the economically disadvantaged participants seventh and
eighth grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-
2013 school year and the 2013-2014 school year from Middle School 1, which has
practiced data-driven collaboration less than three years and Middle School 2, which has

practiced data-driven collaboration more than three years. The Mean for the

economically disadvantaged from Middle School 1 was -0.98 with a Standard Deviation

of 11.17. The Mean for the economically disadvantaged from Middle School 2 was 1.45

with a Standard Deviation of 11.29. The researcher used a Two-Tailed t-Test that was

tested at the Alpha level, ¢ = .05, to determine if the length of time of data-driven

instruction influenced economically disadvantaged students achievement. The Two-
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Tailed r-Test yielded a p = 0.98. The results Jeq the researcher to retain the Null

Hypothesis for evaluating economically disadvantaged students Reading Normal Curve

Equivalency (NCE) gain scores comparing Middle School 1, which has used data-driven
collaboration less than three years, and Middle Schoo] 2, which has used data-driven
collaboration more than three years. (Table 20 illustrates the Mean scores and the

Standard Deviation for each school in the comparison and the results of the Two-Tailed z-

Test)

Table 20

Two-Tailed t-Test at the a = .05 Level Evaluating Economically Disadvantaged Students
Reading Normal Curve Equivalency (NCE) Gain Scores Comparing Middle School 1,
which has used Data-Driven Collaboration less than Three Years, and Middle School 2,
which has used Data-Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation p-Value
1 186 -0.98 11,17
0.98
2 172 1.45 11.29

*Significant at p <.05

There was not a statistically significant difference among economically

disadvantaced students’ Mathematics and Reading Normal Curve Equivalency (NCE)

gain scores between Elementary School 1 and Elementary School 2. However, the

. 1 7 di 7 o
results showed a statistically significant difference among economically disadvantaged

students’ Mathematics Normal Curve Equivalency (NCE) gain scores between Middle
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School 1 and Middle School 2 with Middle Schoo] | outperforming Middle School 2

There was not a statistically significant difference between the Reading Normal Curve

Equivalency (NCE) gain scores for Middle Schoo] 1 and Middle School 2

Null Hypothesis 6

There will be no statistically significant difference in Tennessee Comprehensive
Achievement Program (TCAP) Normal Curve Equivalency NCE scores between the
years of 2013 and 2014 of non-economically disadvantaged students in schools that have
practiced data-driven collaboration more than three years as compared to the TCAP NCE
scores of non-economically disadvantaged students in schools that have practiced data-
driven collaboration less than three years.

The researcher utilized the non-economically disadvantaged participants fourth
and fifth grade Mathematics Normal Curve Equivalency (NCE) growth scores from the
2012-2013 school year and the 2013-2014 school year from Elementary School 1, which
has practiced data-driven collaboration less than three years and Elementary School 2,
which has practiced data-driven collaboration more than three years. The Mean for the
non-economically disadvantaged from Elementary School 1 was -1.06 with a Standard
Deviation of 13.52. The Mean for the non-economically disadvantaged from Elementary
School 2 was -1.16 with a Standard Deviation of 11.48. The researcher administered a

Two Tailed 7-Test that was tested at the Alpha level. a = .05. to determine if the length of

time of data-driven instruction influenced non-economically disadvantaged students

achievement. The Two-Tailed t-Test yielded ap = 0.48. The results led the researcher to

. ; ' disadvantaged students
retain the Null Hypothesis for evaluating non-economically disadvantag
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Mathematics Normal Curve Equivalency (NC E) gain scores comparing Elementary
School 1. which has used data-driven collaboration less than three years, and Elementary
School 2, which has used data-driven collaboration more than three years. (Table 21

illustrates the Mean scores and the Standard Deviation for each school in the comparison

and the results of the Two-Tailed - Test)

Table 21

Two-Tuailed t-Test at the a = .05 Level Evaluating Non-Economically Disadvantaged

Students Mathematics Normal Curve Equivalency (NCE) Gain Scores Comparing

Elementary School 1, which has used Data-Driven Collaboration less than T, hreeg Years

c;/nd Elementary School 2, which has used Data-Driven Collaboration more than Three ’
ears

Elementary School Participants Mean Standard Deviation p-Value

1 101 -1.06 13.52
0.48

2 19 -1.16 11.48

*Significant at p <.05

The researcher utilized the non-economically disadvantaged participants fourth

and fifth grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-

2013 school year and the 2013-2014 school year from Elementary School 1, which has

practiced data-driven collaboration less than three years and Elementary School 2. which

has practiced data-driven collaboration more than three years. The Mean for the non-

economically disadvantaged from Elementary School 1 was 0.30 with a Standard

Deviation of 13.64. The Mean for the non-economically disadvantaged from Elementary
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School 2 was 1.47 with a Standard Deviation of 10.88. [he researcher administered a

Two-Tailed 1-Test that was tested at the Alpha level, ¢ = .05, to determine if the length of

retain the Null Hypothesis for evaluating hon-economically disadvantaged students
Reading Normal Curve Equivalency (N CE) gain scores comparing Elementary School 1,
which has used data-driven collaboration less than three years, and Elementary School 2,
which has used data-driven collaboration more than three years. (Table 22 illustrates the
Mean scores and the Standard Deviation for each school in the comparison and the results

of the Two-Tailed -Test)

Table 22

I'wo-Tailed t-Test at the a = .05 Level Evaluating Non-Economically Disadvantaged
Students Reading Normal Curve Equivalency (NCE) Gain Scores Comparing Elementary
School 1, which has used Data-Driven Collaboration less than Three Years, and
Elementary School 2, which has used Data-Driven Collaboration more than Three Years

Elementary School =~ Participants =~ Mean Standard Deviation  p-Value

1 101 0.30 13.64

0.74

79 147 10.88

o

*Significant at p <.05

The researcher utilized the non-economically disadvantaged participants el

and fifih ovds Matiematics o rmal Curve Equivalency (NCE) growth scores from the

2012-2013 school year and the 2013-2014 school year from Middle School 1, which has
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practiced data-driven collaboration less than three years and Middle School 2. which has

practiced data-driven collaboration more than three years. The Mean for the non

economically disadvantaged from Middle School 1 was 1.42 with a Standard Deviation

of 13.45. The Mean for the non-economically disadvantaged from Middle School 2 was -

0.85 with a Standard Deviation of 12.84.

Table 23

Two-Tailed t-Test at the a = .05 Level Evaluating Non-Economically Disadvantaged
Students’ Mathematics Normal Curve Equivalency (NCE) Gain Scores Comparing
Middle School 1, which has used Data-Driven Collaboration less than Three Years, and
Middle School 2, which has used Data-Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation  p-Value
1 252 1.42 13.45
0.03*
2 215 -0.85 12.84

Significant at p <.05

The researcher used a Two-Tailed 7-Test that was tested at the Alpha level, a =

.03, to determine if the length of time of data-driven instruction influenced non-

economically disadvantaged students achievement. The administration of the Two-

Tailed r-Test yielded a p = 0.03. The results led the researcher to reject the Null

Hypothesis for evaluating non-economically disadvantaged students” Mathematics

Normal Curve Equivalency (NCE) gain scores comparing Middle School 1. which has

used data-driven collaboration less than three years, and Middle School 2, which has used



Tailed 7-Test)

The researcher utilized the non-economically disadvantaged participants fourth

and fifth grade Reading Normal Curve Equivalency (NCE) growth scores from the 2012-
2013 school year and the 2013-2014 school year from Middle School 1, which has
practiced data-driven collaboration less than three years and Middle School 2, which has
practiced data-driven collaboration more than three years. The Mean for the non-
economically disadvantaged from Middle School 1 was -1.48 with a Standard Deviation
of 12.65. The Mean for the non-economically disadvantaged from Middle School 2 was

0.14 with a Standard Deviation of 12.55.

Table 24

Two-Tailed t-Test at the a = .05 Level Evaluating Non Socio-Economic Students Reading
Normal Curve Equivalency (NCE) Gain Scores Comparing Middle School 1, which has
used Data-Driven Collaboration less than Three Years, and Middle School 2, which has
used Data-Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation  p-Value
1 252 -1.48 12.65
0.92
2 215 0.14 12.55

*Significant at p <.05
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The researcher used a Two-Tailed r-Test that was tested at the Alpha level, a =

.05. to determine if the length of time of data-driven instruction influenced non-

economically disadvantaged students achievement. The administration of the Two-
Tailed 7-Test yielded ap = 0.92. The results led the researcher to retain the Null

Hypothesis for evaluating non socio-economic students Reading NCE gains comparing

Middle School 1, which has used data-driven collaboration less than three years, and

Middle School 2, which has used data-driven collaboration more than three years. (Table
24 illustrates the Mean scores and the Standard Deviation for each school in the

comparison and the results of the Two-Tailed 7-Test)

There was not a statistically significant difference among non-economically
disadvantaged students’ Mathematics and Reading Normal Curve Equivalency (NCE)
gain scores between Elementary School 1 and Elementary School 2. However, the
results showed a statistically significant difference among economically disadvantaged
students’ Mathematics Normal Curve Equivalency (NCE) gain scores between Middle
School 1 and Middle School 2 with Middle School 1 outperforming Middle School 2.
There was not a statistically significant difference between Reading Normal Curve

Equivalency (NCE) gain scores for Middle School 1 and Middle School 2.

Null Hypothesis 7

There will be no statistically significant difference in Mathematics Tennessee

Comprehensive Achievement Program (TCAP) Normal Curve Equivalency NCE scores

between the years of 2013 and 2104 of students in schools utilizing data-driven



collaboration practices more than three years as compared to the Mathematics TCAP
ematics
J ores of i :
NCE sc students in schools that practiced data-driven collaboration less than three

years.

Based on the results presented above, there is a significant difference in TCAP
ACHIEVE Math proficiency or NCE gain scores of students in the Middle School
utilizing data-driven collaboration more than three years and Middle School utilizing
data-driven collaboration less than three years in the following subgroups: majority,
female, male, economically disadvantaged, and non-economically disadvantaged.
Middle School 1, which had been practicing data-driven collaboration less than three
years, outperformed Middle School 2, which had been using data-driven collaboration
more than three years. There was not a significant different among minority students in
the middle schools. There was not any significant difference between the two elementary
schools.

Using the responses from the interviews presented below. it appears that seventh
grade Mathematics teachers at Middle School 1 were utilizing data-driven instruction
more than the Mathematics teachers at Middle School 2. The Elementary Schools seem

to practice similar collaboration practices, which could account for there not being any

significant differences.

Null Hypothesis 8

There will be no statistically significant difference in Reading Tennessee

Comprehensive Achievement Program (TCAP) Normal Curve Equivalency NCE scores

between the years of 2013 and 2014 for students in schools utilizing data-driven
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collaboration practices more than three years as compared 1 the Reading TCAP NCE

scores of students in schools that practiced data-driven collaboration less than three years.

Based on the results presenteq above, there is not any statistically significant
differences in TCAP ACHIEVE Reading proficiency or NCE gain scores of students in
schools utilizing data-driven collaboration more than three years and schools utilizing
data- driven collaboration less than three years.

Using the responses from the interviews, it appears that both Elementary Schools
had similar collaborative practices in Reading. It also seems as if the Middle Schools had
similar collaborative practices in Reading. This could account for there not being any

significant difference in results.

Interview Question Responses
Interview Question 1: How often do teachers at your school collaborate?

Elementary School 1: To start off the school year we provide them a day of

collaboration within their grade level or subject area prior to when the school year
starting, so they came for a day at the end of July. K through 3 works within their grade
level, and fourth and fifth are departmentalized, so they team up, the math and science
teachers and ELA and Social Studies teachers. We also provide them block collaboration
days each nine weeks, so they can gather and figure out their plans as far as their targets,
looking at their pacing guides, planning out their assessments, and that kind of thing. We
collaborate each Tuesday independently. Administration and the academic coach meet
with grade levels or teams every Thursday to plan targets, lessons, and assessments. We

have forty minute planning sessions. Now. last year either myself or admin came to their
o
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Tuesday planning sessions. A litt]e bit has changed this year due to the law. We can’t
. an

Tegire Wi ta collahorativerlan oy Tuesdays anymore but some teachers still do

Elementary School 2: In our building we pretty much collaborate two times a

week during planning. The first planning session we lay out is on Tuesday during their

time. They bring a skeleton of their plans. We have standards we have deconstructed at

that point. We put that into lessons and talk about the different instructional strategies for
Reading and for Math, just those two areas. Then on Thursdays we come back and
finalize all the plans at that point for Reading and Math. Then we talk about individual
students in different RTI groups and the different tiers. If they are struggling in tier 2 or
tier 3; just touching base on what teachers can do to help students on Thursdays.

Middle School 1: Three years ago teachers had a day to collaborate, but it wasn’t

used for collaboration on a regular basis, and when collaboration did take place it was
more about managerial items and student behavior. Last year, teachers were required to
collaborate but administration did not attend, so it was not always productive. The
academic coach met with ELA due to low test scores and a TNLEAD initiative. A 90-
day plan was created to improve collaboration among the ELA teams. One grade-level
team embraced collaboration more positively than the other two, so a second 90-day plan
was created for them in which they began using data to plan for instruction but it wasn’t
year we are required to meet weekly. Admin and the

until about February. This

academic coach meet with their assigned content areas and it is more structured. Some

content teams meet more often. Seventh grade Math collaborated more during the last

three years than other grade level content areas. They also used data more to drive their

instruction during the last three years.
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Middle S :
iddle School 2: They had to collaborate. They had mandatory collaboration at

least once @ week., but teachers who believed in the process, they met after school on

Fridays. They would meet during other planning. They would get together on weekends
sometimes, but each content area had a structured planning session that was attended by
myself, or one of the administrators every week.

Interview Question 2: If some teams collaborate more often than others, is there
evidence of a difference in student learning? Explain.

Elementary School 1: This takes us back to after the first year, we had a

problem with fifth grade math. We realized it was a lack of collaboration. The two
teachers just didn’t know each other. We used money from the TNLEAD grant to put
resources into giving them double planning period once a week. They sat with the
academic coach or administration for two forty-minute times for a total of eighty minutes.
We had to map out all their targets for the week and all their assessments. We tracked
their weekly tests, we tracked percent of proficiency, and we tracked their daily exit
tickets. We had to kind of cookie cutter how they collaboratively planned but it was
successful because their scores did grow. I think we really do see evidence in the
teachers who really do collaboratively plan together and those that don’t. They do have
common clear target. Every Wednesday they turn in their planning sheet to me that has

all of their standards with all their strategies and what their assessments are going to be.

They have to turn in all their assessments. (Showed example of assessments). We review

it and give them feedback on Thursday. Now in math fourth and fifth are using a pre-

and posttest. Now what we do with that is they divide up the pre- and postiest by the

: then the
specific standards and list the percentage of mastery on the pretest and
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percentage of mastery on the posttest for each student. When students take the posttest
we do have conversations about these students who didn’t show mastery on this

particular target. Do we need to go back and reteach? What are they are going to do?

So we have those conversations with them about that. On the Reading side of that we

have them bring their Reading test and go informally go through and discuss each
question. How many students missed number 1 and so on? Which question did most of
them miss? Is it different from this teacher? Discuss which questions missed most and
differences between teachers. Is it how you present material, is it a good question, or do
we need to reteach. We started with math and added reading this year. As far as targets
we also go in and do snapshots in all the classrooms. That is one thing the administrator
looks for is that all the targets within the classrooms need to match if they don’t there is
usually conversation. Ifit’s a day or two off it’s ok. I think it is good for them to know
someone is checking that, and that there will be conversation if the targets are off.

Elementary School 2: As far as other teams collaborating more often, I do know

of a couple different grade levels in our building they do meet on Mondays to start the
week off to make sure everyone understands the material and lessons, and to see if
anyone needs any supplies or materials at the time: just to make sure that everything if
fined tuned. That is our third and fourth grade. I will tell you that I am seeing a

difference in the rigorous materials presented to the students and expectations for those

students. You can also get sense when you walk through the grade levels. I do see the

teacher variance has diminished quiet a bit. Everyone is on the same page teaching the

same lesson at the same pace with EDL So I am seeing that.
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Middle School 1:

I'bels :
believe so. Sixth grade ELA, seventh grade Math, and eighth

grade Social Studies collaborate more often, and you can see a difference in their test
scores and their lesson plans as well. They are usually teaching the same targets at the
same time. It is evident in seventh grades formative and summative test scores. Sixth

grade has become more effective in using data to inform their instructional practices.

Their common assessments are also more aligned to the standards

Middle School 2: Yes, there is. Just in terms of grades. In terms of the different

types of assessments and the different types of assignments that were given, and just
something as simple as just listening to the conversations about the kids, the teams that
really did a lot of collaborative planning didn’t have as much negative comments about
well so and so can’t do it. Yeah, we all have kids that struggle, but I didn’t hear that as
much, that negativity amongst the teachers. It was different types of activities. They
would actually plan hands on activities. They would do more group work, so if you were
in the classrooms walking through you could hear the difference. You could hear
accountable talk. They had a different sense in the classroom.

Interview Question 3: Drawing from your experience, what makes one

collaborative team more successful than another?

Elementary School 1: I think the big part of it is the personalities. The

personalities of the teachers and whether or not they are willing to work collaboratively,

so I think a big part of that is building relationships. With us being so new, we spent a

big part of the first couple of years building relationships. You have to build trust with

one another and feel comfortable. You have to be able to let your guard down to discuss

strengths and weaknesses. Another part is professionalism and coming to the sessions
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prepared and do your part. We do have grade leve]s that everyone doesn’t do their part

Have to work with them to help them improve and support them anyway we can

Elementary School 2: In thinking about collaborative teams, as you would think
about that, I guess a team that is willing or they care enough to confront one another. 1
know that confront is kind of a harsh word, but they are able to say to one another freely
that the lesson you created for this standard I don’t know necessarily that it goes with
that. When I break it down I see this. They are able to communicate without being
offended and feel they are going to offend anyone by doing that. They are making sure
they have the kid’s best interest at heart. Those teams that work very well like that and
that don’t have any problems with addressing those issues and problems like that which
come up. They collaborate better, and there is not as much tension. They are able to get
to planning and talking about what they need to fix up if it’s a standard or assessment that
does not match the standard. They don’t mind letting each other know. But they are also
very solution oriented. They are also willing to say I might have something to help with
that. They are willing to give those suggestions.

Middle School 1: How well they get along and trust one another. Everyone on

the team pulls their own weight. They are not afraid to express their weaknesses and

utilize their strengths to help each other improve student learning. They use data to help

them plan and wonder what they can do differently or improve to be more effective.

They are not afraid to be instructional leaders as well. The teams that are more

successful are student focused.

Middle School 2: 1 have kind of addressed that, but essentially have to buy in

from all the teachers involved. Butmore than that, the teachers have to feel like what
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they are bringing to the table is something that other people are going to listen to. We
had one group where two teachers collaborated together; well, they worked together but
excluded the third teacher. The third teacher was more experience and was a level 5.

She had a lot of really good ideas but the two that were collaborating didn’t take
advantage of her experience, and she had a lot to bring to the table. Where as the math
teachers who planned on Fridays and got together every available minute even weekends.
You could just listen to their conversations. One would pop an idea off. One would say
that’s a good idea but I didn’t like this, but what about this. It was ok to challenge when
it was a functioning. When it wasn’t functioning either the challenges were met with a
lot of negativity or no one felt comfortable enough to challenge. You would just have a
lot of head bobbing, and they would leave and do their own thing. And I think another
thing that made it successful was coming together with a purpose. I would listen to their
conversations. Ok, when we get together on Friday, I will have this done and you will do
this. Then we’ll tweak this and we’ll do that. They always had a purpose for getting
together; as opposed to, oh, it’s collaborative planning. Ok, what are going to do and
there they would sit waiting for someone to say. “What are we doing to do about this?”
Those that were truly collaboratively working together they always accomplished
something.

Interview Question 4: Describe a typical collaborative session.

Elementary School 1: Every grade level is different, so when I sit in with them I

try not to facilitate. Typically the grade level chair facilitates. It’s interesting when I go

from grade to grade. They are all a little bit different but they are all effective. Some

grade levels have maybe experts on all subjects especially K-2 where they teach all



99
subjects. So one teacher has maybe researched the pacing guide and knows exactly
where they are and emailed everyone to Jet them know what to bring. Then everyone
brings resources just for that standard. Second grade is very organized. That is how they
do it. Where some are not as prepared and sit there and say let me grab that. I can see a
big difference between the collaborative sessions. How effective they are depends on
how prepared they are. Where we kind of are at now is since we have been working on
assessments for a while is we start with the test they already had for that standard and
they work to tweak and say do we think this is a good question? Can we change it? That
kind of thing. We have not done yet where everyone brings a question for that standard.
That is a great next step, but we just aren’t there yet. We usually just start with what we
already have. We are creating all of our own assessments. We aren’t quiet there yet,

where each teacher makes their own assessment items.

Elementary School 2: In our sessions that we get together and meet on Tuesdays

and Thursdays most typically you will find that one particular person or that two people
on a grade level are working together to get core instruction, so they have come together
to get that skeleton of plans laid out and some instructional strategies that break down

throughout the week. You can get a sense of it as we go around the table and talk about

on Monday we will do this. This is how we are going to get the kids hooked and

interested and started on the topic and this is how we are going to teach this particular

standard or skill. Moving forward, and everyone takes a part in the ownership of that.

i i i ’e work hard to help all grade levels
We are passing resources and pulling resources 1n. We wo pall g

to feel free to input at all times. There are some grade levels. about three, that are really

: i i sday session
comfortable sharing anything or telling each other anything. During the Tuesday
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the focus is on getting the best instructional strategies in there that we can. Then taking
ownership on Thursday of ﬁnalizing everything and making changes as necessary
Saying this is what I have done to change it or fix it. Then leading into talking about our
actual students. This one is in our RT] group. I have a real concern for him. We need to

keep him on our radar. This is what [ am doing in the classroom to help him. This one

isn’t in a tiered group but maybe needs to be moved into one. Or this student needs to
change to another group. We are always talking to one another, so it’s not just a one-
person show. We are in this together. When I said three out six, it’s probably more like
four out of six of the teams are willing to share and others are a little bit more reserved,
but we are working on that and we are getting there.

Middle School 1: This year we are focusing on DuFours’ 4 collaborative

questions when we collaborate. Admin and the academic coach have worked together to
set goals for collaboration and meet with their assigned content area weekly. We also
have celebrations to recognize our successes based on achieving the set goals. Content
area teams were allowed to set their next goal to be accomplished by Christmas break to
establish ownership of the collaborative process. Admin and the academic coach meet
weekly to discuss each content areas progress and get advice on how to move their
groups forward. Teachers create common targets and assessments that are standards
based. Test questions are carefully aligned to the standards. Teachers are beginning to

discuss the data from assessments and use it to design their lessons. Grade level content

areas are not all at the same level of collaboration. Some have already moved to using

data to differentiate instruction for their students while some are still working to create

. ; . Last year
common pre and post assessments. This has not always been the case ;



area had planning together so it made it difficult to collaborate

Middle School 2: A typical dysfunctional or functional one? Let’s do the

dysfunctional one first. The dysfunctional on was we all here or we are waiting for
somebody else. It takes somebody else to say ok, what are we going to work on today,
did you bring this, what is coming up? It was truly dysfunctional. It was a meeting that
people sat through looking at their watches, and they would have to go make phone calls
or do whatever. You would hear a lot of I'll work on that at home, and I'll email youa
copy of it. There was very little of anything that was created together. So it was; what
do they say? It’s not group work; it’s situational seating. No, it’s proximity seating.
That was what it is. It wasn’t collaboration; it was just proximity seating, and it really
was. They would play lip service. I’'m not saying that 100 % of the time nothing was
accomplished, but it was like pulling teeth. And it required facilitation by whoever was
in charge of the group as opposed to 8" grade math whether anybody showed up or not.
They showed up with their agenda. They would say last time you said you were going to
bring this. Here I brought this. What do you think about this? I feel good about this?
Can we tweak this? They would have the next two weeks mapped and be thinking about
what are going to do for the next unit. I mean it was like clock work, and they were

enthusiastic. They weren’t just meeting. Their attitudes weren’t begrudging. Really a

lot of it came down to attitude, as opposed to sitting there with their arms crossed. It was

the body language. They sat up, had papers spread, computers were opened, saying. e

I'had this great idea. Did you look at what I sent the other day? What did you think
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about it? We could tie that with this and it was ideas beget ideas. It was fun to watch
because as a facilitator that was truly what it was. | was the facilitator, and I would get
excited about it and say that was really cool. And I can come in and do a close read
because I know something that would go with that. It would get other people excited
about it. But you could go in the classrooms too and get excited about it. Another thing I
noticed about functional groups, they would go watch each other teach voluntarily. I
mean they would do that on their own, and would come back and reflect on their own
teaching. They were doing the lessons at basically the same time, and they would look at
the data and say yours did better than mine and we did the same thing. Next time we do
something similar, I'm going to come watch you and I mean they were completely
transparent, completely opened about everything from the numbers, the resources, and
the whole nine yards. So it was very different. You could totally tell the difference. You
tell when you went into the classroom too.

Interview Question 5: How has collaboration changed at your school over the
past three years?

Elementarv School 1: I think now it is more natural. Everyone has gotten to

know each other. I think now I feel like it is more data-driven. At first it was just what

are the strategies we are going to use and what are the targets we are going to cover, but

now we look at assessment and go backwards from that. So that has changed the past

three years.

Elementary School 2: Well, as far as it changing it has definitely evolved into

that team sense, the sense that these are all of our children in this grade level. It’s not just

' / e going to do
my classroom of 20-25 children, but all of these kids are ours. What are we going
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to bestmeet these nieeds? We have always spent time in our Own rooms but now we are
doing it on a level that is the biggest Opportunity to make the most changes in the lives of
our students. - And with the planning System we have; there is a template that we are
using that makes sure we have all the phases embedded in there to make sure we don’t

forget something that is very crucial to make the development of that skill. It has

changed tremendously in the ownership of the children and the expectations of students.

Middle School 1: It has evolved from a time that teachers could collaborate to a
set time that teachers are required to collaborate with admin or the academic coach
present to direct discussions when needed. Teams focus on DuFour’s 4 questions for
collaboration and have short-term goals that they helped establish. Previously, there was
not any set format for collaboration. Most of time teachers just sat in the room together
or discussed problems they were having with student behavior. It is more focused now
with an agenda.

Middle School 2: It went from none to we started with staff development on

what does collaborative planning look like. People who were doing a form of it, we
would talk to them. The last two years were the structures, so if we go back three years
we kind of I don’t” want to say piloted, but groups that were always collaborative we

talked to them and asked, what does that look like? How does that work for you? We

really started to look at assessments and the structure. We changed our schedule and

built in structured times with the two plannings because we noticed that planning times

5 7 7 7 .v
were not being used effectively shall we say. And it was very structured. Collaborative

/’ area, but
planning was set to where I usually went to math. We each had our content :

. ; -as going on in the
occasionally we would rotate SO We could see we could see what was going
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other ones. But we mainly went to the
Same ones to get that r i
apport with teachers, and

like the use of an agenda. They had norms, but they didn’t officially set norms. The
expectations were there we are meeting at this time and everybody be there. You know
the comfort level with those groups and a lot of it had to do with the transparency. The

biggest struggle was that it isolated the weak teachers that did not have as much to bring
to the table when you were tasked with bringing something, and you’re seeing the quality
things the others are bringing and you’re stuck with garbage. Then you got one of two
things, you don’t bring anything and you shut down, or you stepped it up and think I need
to bring something next time. Administrators were always there with expectations, to be
part of the group, and to show interest in the level of accountability that they expected
from the teachers to do that. When I left last year, it still wasn’t all perfect, but the
grumbling wasn’t there. It was the way we did business now. You just knew that during
collaborative planning that is what you did, and he had put into place that you would

have an agenda and that made things go a little bit smoother. Just doing some of the

characteristics of a PLC with the groups. It really did transition from isolated groups

meeting because they knew it was the right thing to do to everybody in the content areas

had a place to be on this day and at this time. The expectation was that you would have

something to show for it.
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Interview Question 6: To what extent d
o collaborative te
ams use data? What data do

they use?

lementa : 1
E ry School 1: They use it to make instructional decisions such as

strategies, if they need to reteach and to decide on pacing

Elementary School 2: Collaborative teams use a variety of data resources for
data in our building. We start with TCAP information that we get back, any state

assessments whether it be writing, putting children in groups, desegregating the data to be

able to know where everybody maybe not having success so we can meet their needs.
This year we have been using the universal screener, path driver, as a data starting point.
Then from there drilling down even further in the younger grades with the QPS screener
in the younger grades that actually tells the area. The universal screener may tell us it’s a
fluency problem, but we know if we dig down further and deeper into that, the problem
may lie in some it’s a fluency phonics issues. The QPS screener helps us to drill down
even further. In our building we do something. Of course we have our district
benchmarks in grades 3-5 for science and social studies. But at the same time we also do
in house or in building ELA and Math benchmarks for grades 2-5. We felt that it was

crucial for 2™ grade to come on board for this to help prepare students make the

transition to high stakes assessments 1n the upper grades. We have a time frame we

adhere to and the time frame is pretty much like TCAP. We use this data from the

assessments to determine which students have not mastered standards. We have a

template that students are listed on and monitor through small group 1nstruction 1n order

_ ’ at relate to
to close the gap that might exist. I help to point out trends that we see th

TCAP. For example if we see that our African American males across the board for 3, 4
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and 5 have been missing AMO, so we use the data from benchma ks and oth
IKS and other

assessments to help close the €aps in learning. We use it to make sure we are forgetti
e forgetting

any subgroup. We are working hard all the time to do that. They are responsible for

bringing their data for data chats including universal screeners and benchmarks to discuss

and design lessons from it. Data is our friend.

Middle School 1: Most teams do not use data to drive their instructional
decisions. Sixth grade ELA has begun to use the data to make sound instructional
decisions about individual students and the strategies they use. At the beginning of the
year, the school reviews their TCAP achievement and growth data as a whole group but
have not referred back to it in the past. This year teachers were given their RCPI data
and used it to determine their strengths and areas to improve. Teachers were also given
their student RCPI data to help them determine categories and standards students might
have difficulty learning. Teachers are beginning to create quality common assessments
that can be used to make instructional decisions but most have not progressed to using the
data beyond re-teaching whole group. Some groups still do not use the data to drive their

instruction.

Middle School 2: That is something we were still working on. And that is

something I noticed a lot was we looked at data for data’s sake but what does anyone

really do with it. We changed our grading system 10 70 percent assessment and 30

percent other stuff. We spent a lot of time talking about what is an effective assessment.

What counts as an assessment? We pulled peoples grades and looked at what they

d talked more about what we can do with that data. With

counted as an assessment. An

i i give you some
just the grading data because if you truly are assessing. then it should give )
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Some would look at learning links, but it would give you an indicatiog bt tal
not always

it and look at scores on their tests. They assessed fairly frequently, and they would look

atit and compare them. They would go watch other teachers, and say I think I did the
same thing. But then they would go watch her teach, and | realize she goes a little bit
slower than I do. She’ll spiral round a little more than | do, and I go too fast and go
straight into work these by yourself. She does a couple more examples than I do. They
used it more to modify their instruction, where originally it was just looking at the test
grades. Iknow they spend more time at the beginning of last year looking at TCAP data.
[ wasn’t part of that, but I remember he had a different kind of form he had them look at.
He had them spend a little more time looking at how their students had done. But they
spent more time looking at where their students were coming in at, and they spent a lot of
time looking at areas where their students were coming in low at. Kind of looking at
target areas. Like I said I wasn’t a part of that, so I can’t speak too detailed on it. This
year they are transitioning to using the data more. I want to say tracking it in some way.
But we had talked about the data, so what are you going to do with it. What can these

numbers tell you? I think a lot of teachers have the data and know they should use it, but

don’t know how. The don’t know quiet what to do with it or what it can tell them, so

they are working on doing some professional development on I have the data. so now

what? There were no common assessments at first, but we were moving toward it. Last

. went from now we
year the expectation was there on having the common assessments. It

(NOW W ing to create these
, ) . ose to know we are meeting
are just meeting to we are meeting with a purp
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n assessments. v
commo 1ts. Then we gave the cOmmon assessments, and s teach
> ome teachers were

like now we are going to move on. Then j
g i It was no we aren’t ; 1
Just going to move on.
These common assessments are going to tel] us something. Once again it went back to
transparency because some of those common assessments they didn’t do so well. I know

one of the things the ELA groups struggled with especially was they were like we are

doing this story and she is doing that story, so we can’t do a common assessment. We

had to say hold up, you aren’t teaching the story. You are teaching the skills. You are
teaching the standard, so it doesn’t matter if you are using the “Outsiders” and she is
using “The Witch of Blackbird Pond”. It doesn’t matter. You teaching these standards
here, so you can use a third test to test the students on the standards. They were like oh.
Right there it became clear that this was another mindset that had to be shifted from
teaching story to teaching the standards. Then once you did that, you could move to
looking at individual teaching styles.

Interview Question 7: Do you feel teachers at your school use data with fidelity?
Explain.

Elementary School 1: Some do. Third through fifth do maybe cause of the

nature of TCAP they take at the end of the year. Particularly in math because I feel like it

is easier for them to keep up with the pre- and posttests, and the assessments are more

time efficient when giving. They are heavily data-driven. Fourth and fifth do use RCPI

data from the vear before to form groups. We definitely keep an eye on those. I will say

. . o -driv of
that Kindergarten; they are a beast of their own. They are very data-driven because

their report card being very standards based. They have to keep track of each child’s

- . ; grade. I think they
data, so that definitely determines their instruction. First and Second ¢
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are beginning to use data. They keep data such
as oral and written fluenc
y and that sort
of thing. but we don’t really have assessments or clear benchmarks to track data. hink
ck data. 1 thi
we would like to see pre- and posttests in math. But then again I don’t know if it’s quiet
quie
age appropriate for them at this time but more so for third, fourth, and fifth Yes, we d
! g ! , we do

use data with fidelity here.

Elementary School 2: I do feel we do in our building

but now I don’t think this

was always the case. I think it has evolved to this as we have moved through the past few
years. We know as teachers the accountability piece has never been higher, and they
realize that in the data collection process they are very attuned to the fact that if they
don’t use that data effectively they aren’t going to get their children at the end result. so I
really believe they use it whole-heartedly to say here is the problem identified and now
here’s what I'm going to do and here’s the instructional strategies that I am going to get
this child to mastery level. Ireally believe that they are doing that on a consistent basis.
If for some they do veer off from that, they are quickly brought back in because after the
fact we come and assess them again. So they know we have another common assessment

that the grade level creates, so if for some reason they might have veered off it will show

in that common assessment. And for the most part everybody keeps on track. They

know this is our goal and this is where we are going with that.

Middle School 1: Not yet. 1 think teachers are beginning to understand the

) / 'e accurate
importance of quality assessments that align to the standards. so they can have ac

data to use. But I don’t feel they can use the data with fidelity yet. Sixth grade ELA o

seventh grade Math would be the groups that are closest to using data with fidelity. They
i<}
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have begun designing their instruction based off the data but h
ut have not mastered th
e

process yet.

Middle School 2: There’s pockets of i, Lreally think it goes back to them
learning what to do with it and moving away from | don’t have time to reteach. Well. if
your data indicates that you have a group of students that didn’t get what you taught, then
that is what you are supposed to do. The data tells you that you need to. With fidelity
no, but they are moving toward it, but I don’t think it is yet.

Interview Question 8: What is the biggest difference between teachers at your

school that use data with fidelity and teachers who do not?

Elementary School 1: Well, our teachers who do use data with fidelity do have

higher test scores. A lot of time our newer teachers are trying to get use to curriculum
and classroom management, so sometimes let that kind of fall to the side. I will say that
our teachers who know their students and keep track of their data especially by standard

and RCPI groups their students do perform better.

Elementarv School 2: That does factor in sometimes. In the experiences that I

have seen we don’t quiet see the growth that could happen. or that could be attained from

that. It doesn’t happen very often but when we have our data chats everybody has a voice

and one thing that we do is that we put it all out there. If you are a fourth grade teacher

there is your name with the scores and your proficiency level. You are held to that

" /as it
standard of maybe I didn’t score so well because I was off scope and sequence or wa

because I didn’t follow the plans or whatever it might have been. Ultimately it might

o get to that particular thing

. el
have been it was because they may have not been abl

i their data and
because they were out of SCOPE and sequence. But all together looking at
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where they need to go, those folks that ha i
ve ﬁdehly general] i
Y have higher scores. We are

finding than those that try to do things th
¢ older way, seas :
, oned teachers will sometimes

get into the mindset that I"ve done this for years, and I am going to do it the same way,
but the standards are not written the same Wway and expectation is not the same. So you
find that sometimf:s We aren’t rising to the occasion because we aren’t bumping up the
rigor. So yes, there can be a difference between those teachers that have fidelity but they
don’t like to come back and say my kids didn’t grow, so they are pretty faithful because I

didn’t do what I was supposed to, so they are pretty faithful usually.

Middle School 1: They use the data to discuss individual students and divide the
class into groups based on scores. Then design their lessons to meet the needs of the
students based off the data. They change their instructional strategy when it is not being
effective in improving student learning. They differentiate based on student needs.

Middle School 2: A. Re-teaching happens more often. I can remember that I

was in a sixth grade science classroom and she had given a test the day before. I came in
the next day, and she was calling kids up giving them half sheets/worksheets or whatever
that focused on the standards. They had collaborated together, but she was the only one

who retaught like that. It was specific standards based activities that addressed what the

test showed. It was the simplest way to do it. She just had it right there. She had re-

teaching activities for all four and enrichment activities for the kids that didn’t need it.

She just called them up, passed it out. and that is what they worked on. Simple. So she

had really used that. The Math teachers really used it to refine their instruction and also

. L / ging thei
for the re-teaching. They talked about t with their kids more. They were arranging eir

: i » what
tests more by standard, grouped by standard, so the kids had a better idea of truly wha
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S g

questions Ithrough 5 wrong, they didn’t know how to do two-step equatio

ns or whatever
it was. And I just think the ones that really looked at data were the ones that had w.

orked

together to create something that gave them something worthwhile to look at. If you
aren’t collaborating very well and your not really coming up with a common assessment
or not coming up with a quality common assessment. Then you get the numbers from it.
What does that really tell you? It doesn’t tell you anything, so you can’t use it with

fidelity 1f you don’t know why you got what you got.

Interview Question 9: Based on data, do you think collaboration has a more

positive affect on economically disadvantaged students compared to non-economically

disadvantaged students? Explain.

Elementary School 1: Well, I can see how it would have more of an impact

because possibly the disadvantaged students aren’t going to get the extra support at home,
so maximizing their time in classroom is definitely going to be more beneficial. But if
teachers use data and use it to drive their instruction all students are going to benefit

regardless of economical situation.

Elementary School 2: I do believe this. I have spent a bulk of my career ata

school up the road with a population that is much different. But my point is too that there

used to be a time that we planned our lessons and if we saw someone in the hallway that

: / d some
taught the same subject and grade we did that we may talk and bounce aroun

; ould
ideas. But we didn’t necessarily sit down at the table with the best of the best. It wou

' and close our door.
be our ideas and our thoughts, and we would g0 back to our room
ive in the sense that taking
But Collaboration has really moved forward and very progressive n
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the best of all five or six people and we are putting them together wh,
I'Where everyone comes

together with a different bag of tools with them, so when aJ geti
, 1N a room and start to talk

about the different strategies we end up with the best of the best Also knowing th
: owing that a lot

of teachers may have different backgrounds and different experiences in teaching in th.
in those

areas. Economically disadvantaged students have a different set of needs and that is just
jus
in my opinion. Because of where I taught before they focused on different things. It’s

like a poverty level and with that depending on the leve] of poverty, a school’s focus is

very different. Very different as far as cultures and what they have to focus on at school
and how they feel. I just believe you have to get to know your students and build their
trust and a relationship with them. When you do those kinds of things and can share that
with a colleague, and you can help if someone is having a behavior problem in their class.
You can share some of the strategies you have used in your class to help them. Find out
what some of their interests are. Make a connection and a connection at home. Find a
resource you can work with that child with. Then once that other teacher can use that
possibly as an intervention to get them to do better in school. I'know that the experiences

I have had before in the past it’s because I have been able to do something like that to get

them on board or their parents on board and help realize their potential and that they can

do. Let them know we love them and care about them and want them to succeed. So

having a room full of teachers pulling on their experiences can help in that process and

o 1 C f . f
help with those economically disadvantaged children. And I think we are seeing more 0

. . : ulation and
that in our society. I know even our county is seeing an explosion of that pop

. ) definitely think
we have got to realize that working together 1s a solution to that. But I 3

collaboration has a more positive effect on 1t
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Middle School 1:

[ think if i
You are using data tq meet the needs of each of your
students in your classroom, then all students regardless of their sogj
10-economic status are

going to benefit.

Middle School 2: I think there is just because in the collaboration sessions I have
been in, they know their students. That is another key point. You have to know your
kids, and these teachers knew their kids, and knew what their kids were going to struggle
with. So their instruction would be tailored more for the population of kids. You just
know you are going to have that group of kids, usually your subgroups that are going to
struggle. And we did focus the year before specifically on those subgroups, pulling those
demographic reports. You know from test drive. Really identifying what kids are we
going to target for this. That was another way of using data. If they put anything into
Test Drive, that was another way of pulling information, so I think it does benefit because
in that collaborative session they would have discussions on the whole class. It wasn’t
we are going to teach chapter 7, section 3, and we are going to do these problems, and we
are going to move on. It was ok, we know the kids that struggled with this concept, and
I've got five that didn’t get it so I'm going to have to this. Whether they fall into the

economically disadvantaged, you know, but if we just look at the at-risk students in

) . , e
general for whatever reason, I think yeah it does, just because they are more aware of th

whole lesson. They tend to be more thorough building in the re-teaching things that will

. , cially when
help anybody who struggles with it. AsS far as any at-risk student, yeah., especially W

. ) . 4
you start looking at RTI. You know what tiers. Collaboratively when are thinking abou

; 7 i ‘our lesson, so that
that, you are taking all those concepts into account when you designy

: i ing the book.
makes it a richer lesson than if you are just teaching
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Interview Question 10: A nything else?

Elementary School 1: The two teachers we were talking about in 5™ grade that
were tracked for TNLEAD and collaborated with more rigorous guidelines had growth
from 12-13 to 13-14. We also noticed these two teachers fell, so we used these tracking
sheets to track their exit tickets. At our school the top achieving students are the ones we
have difficulty growing. We tracked these students as well.

Last year just 5" grade math tracked exit tickets that were 5 questions and had to record
in chart. This was very time consuming, but it did prove to work because their scores did
go up. When we met this summer to collaborate, they wanted to switch to pre- and
posttests. They were allowed. They just had to show they used pre-test data to drive
their instructional decisions and were conscience of the posttest data. That was our
agreement to track data this year. Third, fourth, and fifth are all using it this year
because of the problem last year. We have charts for each grade level in the office to
record our assessment data to track progress. Teachers are responsible for recording the
data. Some grade levels are better about recording information than others.

Elementary School 2: Collaboration is hard work. It is challenging work and it

is demanding work. but we are reaping rewards everyday for these kids. We are hitting

' Vi i ; are j i it is helping
milestones, giving them goals and setting goals. They are just great kids and ping

them get to their full potential. I just think collaboration is where it is at. We can

deconstruct the standards by ourselves all day but if we compare our list of the same

i i / i with
standards we would have differences. Some W ith things you had missed and some

thines I had missed. But together coming up with that. it’s that accountability piece and

i i 1 1 ge. en if we
that is everybody is important and we are 1n this together. It1isanice change. Th
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need to build content knowledge that s the part that is the hardest for people is to realize
maybe I don’t have enough content knOWIGdge- And if you don’t, that hopefully we are
trying to empower teachers to get that and if not, by themselves, but come to me or g0 to
a colleague you feel comfortable with. We have done a PLC in the building that is
delving into the stgndards, the Common Core Math standards. We have looked at the
domains and strands and looked through them and how they vertically progress and made
Jesson plans to go with those. We deconstructed those standards and so forth. We did
the same type of thing when we looked at the ELA standards last year and how one of the
strands deconstructed. We did lesson plans with those things as well. We integrated
them. They have just done some fabulous work. It has been tough work and it’s been
hard work. I hope they go back to those lesson plans. Then they realize sometimes when
[ was thinking this I thought it meant this but in looking back it wasn’t. It is a learning
process, but learning and being able to change what we are doing. They are building
content every day with all this Common Core that we are doing.

Middle School 1: We are anxious to see our test scores from this year since our

collaboration time is more focused on meeting student needs. We are creating quality

assessments that are more clearly aligned to the standards. and we are beginning to look

at the data to determine areas to reteach with some teams differentiating their instruction

based on the data.

Middle School 2: Nothing that I can think of. I just know it took a strong

presence and a lot of encouragement. It took teachers that were doing it to talk about

rather than it being mandated from administrators. the ones that really were involved with

it. Well. onr TNLEAD innovation group was desling with the protocol and it had & ot
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Summary

After completing Two-Tailed #-Tests at the Alpha level, a = .05, the researcher

found that there was not any statistically significant differences between Elementary
School 1, which had practiced data-driven collaboration less than three years, and
Elementary School 2, which had practiced data-driven collaboration more than three
years. Based upon the responses from the interviews, this could be due to the similarities
between the collaboration practices. The researcher did find statistically significant
differences among the Middle Schools in the following subgroups: majority, female,
male, economically disadvantaged, and non-economically disadvantaged. Middle School
1, which had practiced data driven collaboration less than three years, outperformed
Middle School 2, which had practiced data driven collaboration more than three years.
Based upon the interview responses, this could be due to seventh grade Mathematics at

Middle School 1 using data longer to drive their instruction even though the school did

not practice data-driven instruction as a whole.
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CHAPTER v

SUMMARY, CONCLUSIONS, AND RECOMMENDATIONS

Summary

The purpose of this study was to determine if the length of time a school utilizes
data-driven collaboration has a positive effect on student achievement among the
following subgroups: majority, minority, female, male, economically disadvantaged, and
non-economically disadvantaged. Mathematics and Reading TCAP NCE gain scores
were used to administer Two-Tailed #-Tests, calculated at the Alpha level, a = .03, to test
eight hypotheses. The researcher analyzed the data from two elementary schools, one of
which had practiced data-driven collaboration less than three years and one had practiced
data-driven collaboration more than three years. The data from two middle schools, one
of which had practiced data-driven collaboration less than three years and one had

practiced data-driven collaboration more than three years, was also analyzed.

Conclusions

When comparing the differences between NCE growth scores of students who

took the Mathematics TCAP in the 2012-2013 school year and the 2013-2014 school

. \ i s of
vear, there was a significant difference in the results of TCAP NCE gain score

: i years
students in the Middle School utilizing data-driven collaboration more than three )

: ; / in the
and the Middle School utilizing data-driven collaboration less than three years 1

i 7 di -antaged. and non-
following subgroups: majority, female. male, economically disadvantag

) . A
economically disadvantaged. Middle School 1. which had been practicing data-driven
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collaboration less than three years, outperformed Middje School 2, which had been using
data-driven collaboration more than three years. Even though p-value of 0.06 resulted
from the 7-Tests indicated that the minority student scores were extremely close to the
significance level of 0.05, there was not a statistically significant difference in the results
of Mathematics TCAP NCE gain scores of minority students between Middle School 1
and Middle School 2 due to the small sample size. There was not a statistically
significant difference between the two elementary schools in Mathematics NCE gain
scores.

It can be concluded from the Two-Tailed #-Test results and interview responses
that the seventh grade Mathematics teachers at Middle School 1 were utilizing data-
driven instruction more effectively than the Mathematics teachers at Middle School 2.
The Elementary Schools seemed to practice similar collaboration practices, which could
account for the lack of statistically significant differences in results.

When comparing the differences between Reading NCE scores, there was not any

statistically significant differences in the TCAP NCE gain scores of students in schools

utilizing data-driven collaboration for more than three years and schools utilizing data-

driven collaboration less than three years.

It appears from the interviews that both Elementary Schools had similar

collaborative practices in Reading. It also seems as if the Middle Schools had similar

collaborative practices in Reading. This could explain the lack of statistically significant
results,

The limitations in this study should be considered when reviewing the results.

) oains in TCAP NCE
The first limitation was the TCAP was the only tool used to measure gain
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collaboration less than three years or more than th
Iee years. Analyzin
. g common
assessments given to students along with TCAP sc i
ores would provide a m
Ore accurate

account of student learning.

The fact that each school did not seem to have the same aeﬁmtion of data-diiven
collaboration could have caused the data to be inaccurate. It also did not appear that all
teachers in each school used data with fidelity, which could have been the reason for
Middle School 1 outperforming Middle School 2 in Math in five out of six subgroups.
The high mobility rate in the district could also be a factor in student achievement results
as well, due to the fact that 22 to 40 percent of the students in the schools that
participated in the study move yearly. This does not allow students to benefit fully from
data-driven collaboration or provide an accurate measure of the effects of data-driven

collaboration.

Recommendations

This study was limited to fourth, fifth, seventh, and eighth grade students at two
elementary and two middle schools. It would provide more accurate data if all

elementary and middle schools in the district participated in the study in order to

accurately measure the effects of data-driven collaboration on student growth. It would

: : ; i vView
also be beneficial if a definition of data-driven collaboration were prov ided to intervie

. - . -driven collaboration
participants in order to have consistency in understanding what data-driven ¢

iti ata-driven
is. If other measures of student growth were used and a definition of d

ing 1 Tew arch may produce
collaboration were provided to those being interview ed. the rese p
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different results. It would also provide a clearer picture of the Jeve] of collaborati f
aboration o

g e T (e e T district, so the appropriate professional development could
be provided in order to make data-driven collaboration more effective and increase
student learning.

It would b? beneficial if other counties with similar demographics and higher
achievement scores participated in the study in order to determine if they use data-driven
collaboration and how the practices of these counties compared to the one in this study.
This would have helped the district refine collaboration practices to better meet the needs
of the students.

It would be helpful if a survey were given to the teachers in the grade levels that
participated in the study to determine the fidelity in which they used data to drive their
instructional practices. It would also be beneficial to know the number of years of
experience of each teacher, and what professional development training they had been
given on effective data-driven collaboration practices. It would also benefit if students
were given a survey to determine if they did their best on the TCAP in order to know if
the results of the study were accurate. This information would make the study more valid

and provide the district with vital information to improve the collaboration practices

among teachers.

If the above recommendations were applied to further research. it would also

benefit other school districts in understanding the effects of data-driven instruction on

. ! - nal
student learning. Districts would be able to provide appropriate professiona

ion i i ing. It would
development in data-driven collaboration in order to increase student learning



160 penefit students because it would reduce the variability among classrooms and

pro\'ide them with instruction that meets their learning needs.
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> 110 -0.56 14.10

*Significant at p <.05

TABLE 2

Iwo-Tailed 1-Test at the a = .05 Level Evaluating Majority Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Elementary School 1, which has used Data-
Driven Collaboration less than Three Years, and Elementary School 2, which has used

Data-Driven Collaboration More than Three Years

Standard Deviation p-Value

Elementary School Participants Mean
I 105 1.62 13.59
0.24
R 110 0.38 11.62
e ——

"Significant atp < .05
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*Significant at p < 0.05

Table 4

Iwo-Tailed t-Test at the a

.05 Level Evaluating Majority Students Reading Normal

Curve Equivalency ( NCE) Gains Comparing Middle School 1, which (ms used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-

Driven Collaboration More than Three Years

Middle School Participants Mean Standard Deviation p-Value
] 713 -1.47 12.20
0.78

—

"Significant at p < .05
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Table 6

Iwo-tailed 1-Test at the a = .05 level evaluating minority students Reading NCE gains
comparing Elementary School 1, which has used data-driven collaboration less than
three years. and Elementary School 2, which has used data-driven collaboration more

than three vears

Elementary School Participants Mean Standard Deviation  p-Value
] 21 -5.43 14.73
0.72
> 26 -3.00 13.85

“Significant at p < .05
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Table 8

Iwo-Tailed t-Test at the a = .05 Level Evaluating Minority Students Reading Normal
Curve Equivalency (NCE) Gains Comparing Middle School 1, which has used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-

Driven Collaboration more than Three Years

Mean Standard Deviation  p-Value

Middle School Participants
] 225 -1.08 11.90
0.99
- 725 L57 1L54

—

“Significant at p < .05
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Table 10

(/n u-hq/ud 1-Test at the a = .05 Level Evaluating Female Students Reading Normal
/)m V¢ l;t{/un’u/unq\ (INCE) Gains Comparing Elementary School 1, which has used Data-
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Data-Driven ( ollaboration more than Three Years

Standard Deviation p-Value

Hi‘mcmar} School Participants Mean
e
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0.44
3 59 -1.93 11.61

"Significant atp < .05



]ahl( I 1
-« Il ;‘.Jl { s el y
iy - \( /l ( Level £ \”/“‘"”’.L' Female Students Mathematics Normal
i : '“”m/-( omparing Middle School | which has used Data
gy aboration less than nree Years and Mid, : ; "
ddle School 2 vhi. C use
i horation moe Three Yorr. 2. which has used Data-
Vliddle School Participants Mean Standard Deviation p-Value
207 3.03 12.94
0.01*
5 191 0.21 10.86

*Significant at p < .05

Table 12

Iwo-Tailed 1-Test at the a = .03 Level Evaluating Female Students Reading Normal
Curve Equivalency (NCE) Gains ( ‘omparing Middle School 1, which /?as used Data-
Driven Collaboration less than Three Years, and Middle School 2, which has used Data-
Driven Collaboration more than Three Years

Middle School Participants Mean Standard Deviation  p-Value
T 306 271 1137
1.00
5 19] 0.66 12.25

“Significant at p < .03
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]“h'f ' 1
Test ar the a 05 Level Fy
e PO G (‘ “m[/ “'/'4‘1;(/’7L' Male Students Mathematics Normal
P vmparing Elementar Sc/ ‘ .
v horation less than Thy . Y School |, which has use -
4 ikl o ee Years, and Ele mentary School 2 vohi 4 D
ta-Driven Collaboration more than Thee g ‘ <. which has used
Flementary School Participants Mea )
] N Standard Deviati
lation  p-Value
‘ 63 -1.51 16.09
0.73
5 77 -0.17 14.38

*Significant at p < .05

Table 14

Iwo-Tailed t-Test at the a = .05 Level Evaluating Male Students Reading Normal Curve
Equivalency (NCE) Gains ( ‘omparing Elementary School 1, which has used Data-Driven
Collaboration less than Three Years, and Elementary School 2, which has used Data-

Driven Collaboration more than Three Years

Elementary School Participants Mean Standard Deviation p-Value
] 63 2.49 14.35
0.26
> 77 1.01 12.38

“Significant at p < .05




' ’h" l L
"‘.I“-"»;‘ PP "",.4\("1\1/
. | Levaluating male
oy leve € Students \
CROOE T which has use , ’“,hA\(f
%, '(” Jddic N l‘.’: M '/ _‘ M /'[( /7 h ‘ - ‘/ ‘/‘1,‘1.(/’-1““” . “//(lh()r([[",n [ 1 galn“
as used data-driven ('u/luhurulmn o lh;:n i
more than thy,
ee
viddle School Parli(‘ipﬂﬂ'\ Mean Stand .
Standard Deviation p-Value
o
233 -0.03 12.35
2.35
0.03*
> 196 -2.44
2] 13.19

*Significant at p < .08

Table 16

[/:‘-* o-Tailed 1- le st at /'/u' a = .05 Level Evaluating Male Students Reading Normal Curve
({/;Nm/cnu (NCE) Gains Comparing Middle School 1, which has used Data-Driven
ollaboration less than Three Years, and Middle School 2, which has used Data-Driven

Collaboration more than Three Years

Standard Deviation p-Value

Middle School Participants Mean
T 332 0.01 1247
0.75
5 08 0.79 11.80
——

"Significant atp < .05
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i e 1. Foet vod 3he §
yiled «tatthe a — () /4‘\«//'\'uluulmg

rmal Curve Equivalency INCE) G
which has used Data-Driven ( ollaboray
n Nchool 2w hic h lh}\ used /)(ll(bl)"l\'(’

E¢ Onomically [ Disadvantaged Students
ain Scores ( Omparing Elementary
1on less than Three Years and
n Collaboration more than Three Years

Flementary School Participants Mean  Standargd Deviation  p-Value
25 -3.92 14.57
0.85*
5 57 2021 15.23

*Significant at p < .05

Table 18

Two-Tailed 1-Test at the @ = 05 Level Evaluating Low Socio-Economic Students Reqding
Normal Curve Equivalency (NCE) Gain Scores comparing Elementary School 1, which
has used Data-Driven Collaboration less than Three Years, and Elementary School 2,
which has used Data-Driven Collaboration more than Three Years

Mean Standard Deviation p-Value

Elementary School Participants
— 53 1.04 15.54
0.15
) - 267 13.33

"Significant at p < .05
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Table 19
,"\(.”11)‘ a ”il('\'('/l
) . , : valuating F
\farhematics yormal Curve Equivalenc o 'L_ “Conomically Disadv, >
as used Data-Driven ( 4://‘,},(" (NCE) Gain Scores ("umpur,‘,,(in\’qg(d'\’_"‘1""’4‘
ch has used Data-Driven C /1‘ h”r‘”'“" less than Three Years i‘l";‘:’;‘f" School
oliaboration more i S, and Middle S, -hool
than Three Y, choo
ears
vliddle School Participants Mean Standard D
Standard Deviation
— p-Value
1
' 186 2
b 1.5
0.01*
- 172 .
1,49 11.26

*Significant at p < .08

Table 20

I u-/u//g/ 1-Test at the a = .05 Level Evaluating Economically Disadvantaged Students
R«}’«u/mg Normal Curve Equivalency (NCE) Gain Scores Comparing Middle School 1,
which has used Data-Driven Collaboration less than Three Years, and Middle School 2,

which has used Data-Driven Collaboration more than Three Years

Mean Standard Deviation p-Value

Middle School Participants
] 186 -0.98 11.17
0.98
> 1732 1.45 11.29

“Significant at p <.05
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cstatthe a — 085 [ u//\‘u/mmng

\':m-l-_'(unnml('u//
. thematic s \/"”ht’/’( vy /
Nt o

quivalency (\
School T which has used D,

nentary School 2w hic h
P lemMmoeni

y [ Visadvantaged

es ('umpuring

ss than Three Years,
en Collaboration more than Three

CE) Gain Scor

ata-Driven ( 'n//uhurulmn le

has used Data-Driy

Flementary School Participants Mean  Standard Deviation  p-Value
101 -1.06 13.52
0.48
N 79 -1.16 11.48

*Significant at p < .05

Table 22

1 ] ed
Evaluating Non-Economically Disadvantag
! Tailed t-Test at the a = 05 Level Evaluati ( ‘E\)On -coS'corec C}omparing Elementary
- ivalency (NCE) Gain ! A ,
‘ o e E(/““a[( "C};, ‘ n an e Years, and
Students Reading Normal Cur : ) tion less than Thre )
| SESEEES (OHGD ora aboration more than Three Years
' [ h has used Data-Drin e " e
/\L ol “h\['(/ l/ > which has used Data-Driven Collabc
e mentary School 2, .

gs -Value
standard Deviation  p
Elementary School Participants s s
: \ :
] 0.74
88
o 1.47 e

“Significant at p < .05
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Tahle 23
I’A‘t"“ri «d (I‘ / ]
4 Level Evaluatin :
) . . g Non-F
Vathematics Normal Curve / Conomically .
q 1wal Curve Eguiverla s Y Disadvantage
s shich has used D /‘ /l/)lm.;/« ncy (NCE) Gain Scores Corm !q;:(d
1N N HSC¢ ala-[rive y ' aring
Corde Y which b scsed ) ”1 . en ( u//u/w»nlllnn less than 7‘}1n»(p)" l: i
wia-Lriven Collaboration more than Three Y S, anc
ee rears
\liddle School Participants Mean Standard D
N r .2 2 r
eviation p-Value
e~
<D< 1.42 13.45
0.03*
'\I ; -
2 - 5
0.85 12.84

Significant at p < .05

Table 24

Iwo-Tailed t-Test at the a = .05 Level Evaluating Non Socio-Economic Students Reading
Normal Curve Equivalency (NCE) Gain Scores Comparing Middle School 1, which has
used Data-Driven Collaboration less than Three Years, and Middle School 2, which has

used Data-Driven Collaboration more than Three Years

Mean Standard Deviation  p-Value

Middle School Participants
1 55 1.48 12.65
0.92
5 215 0.14 12.55

"Significant at p < .05
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Appendix A
Letter Asking for Permission to Conduct Research in the Clarksville-Montgomery

County School System
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February 17.2014

Dr. Sallie Armstrong

pirector of C urriculum

Clarksville-Montgomery County School System
621 Gracey Avenue

Clarksville, TN 37040

Dear Dr. Armstrong:

[ am pursuing an Education Specialist Degree at Austin Peay State University. |
presently enrolled in Education 6050, Seminar on Research, and a requiremle{l't : am
completion of the course as well as the degree is the develobment of a proposal g,
research. This letter is a request for permission to conduct research using zrchival data
from the Clarksville-Montgomery School System.

The challenge for all school systems including CMCSS is to find proven practices that
close the gap between economically disadvantaged students and non-economically
disadvantaged students in Reading and Math. The research study will be titled The
Effects of Data Driven Collaboration on Student Achievement. 1 plan to use archival
TCAP ACHIEVE proficiency and NCE gain score data from the beginning of each
school’s collaborative practices until 2013 if available. I also plan to interview the
principals and/or academic coaches of the 4 chosen schools to determine the frequency
and extent of the data driven collaboration.

[ hope to answer the following questions:

1. What effect does data driven collaboration have on Reading TCAP ACHIEVE

proficiency or NCE gain scores?
What effect does data driven collaboration have on Math TCAP ACHIEVE

proficiency or NCE gain scores? .

Does data driven collaboration have a greater impact on economically
disadvantaged or non-economically disadvantaged students?
4. Does the frequency of data-driven collaboration have an effect on student

achievement?

!\J

W

. ¢ / ‘our response
Thank you for consideration of my research proposal. Ilook forward to your resp

and recommendations.

Sincerely,

Kimberlee Taylor

Academic Coach

Northeast Middle School
Kimberlee.tavlor @ cmess.net
931-648-5665. ext. 100
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APPENDIX B

Permission to Conduct Research in the Clarksville-Montgomery County School System



From: Sallie Armstrong

Gent: Thursday. February 27,2014 1:40 PMm
To: Kimberlee Taylor

Ce: Leigh Ann Parr; Kimmie Sucharski
Subject: Research request

you have permission to conduct research in the district

Qallie Armstrong, Ed.D.

Director of Curriculum and Instruction,
Curriculum and Instruction Department
Clarksville-Montgomery County School System

Office: 931-920-7819
Cell: 931-980-2637

Email: sallie.armstrong /@ cmess.net

144
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Appendix C

Institutional Review Board Letter of Approval
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AUSTIN PEAY STATE UN]
Al’ INSTITUTIONAL REVIEW gg’:ﬂ?

Date: 6/2/2014

RE: 14-028- The Impact of Data-Driven Collaboration o

; n Stu :
Achievement in Math dent Academic

Dear Kimberlee Taylor,

We appreciate your cooperation with the human research review

; : process at Austi
State University. in Peay

This is to confirm that your research proposal has been reviewed and approved for
exemption from further review. Exemption is granted under the Common Rule 45 CFR
46.101 (b) (4); the research involves only the study of existing data, the data is recorded
in such a manner that the subjects cannot be identified directly or through identifiers.

You may conduct your study as described in your application, effective immediately.
Please note that any changes to the study have the potential for changing the exempt
status of your study, and must be promptly reported and approved by APIRB before
continuing. Some changes may be approved by expedited review; others require full
board review. If you have any questions or require further information, you can contact
me by phone (931-221-6106) or email (shepherdo@apsu.edu ).

Again, thank you for your cooperation with the APSU IRB and the human research
review process.

Sincerely,
Omie Shepherd, ChairJ Austin Peay Institutional Review Board

Ce: Dr. Gary Stewart

) “i/) / Vi
A i PGPS
| e

ol P
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Appendix D

Interview Questions
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Interview Questions Used to Intervi
€rview Academic C
oaches

How often do teachers at your school collaborate?

[f some teams collaborate more often than others, is the

; . re evide : :
«udent learning? Explain. nce of a difference in

Drawing from your experience, what makes one collaborative team

more successfu
another? 1 than

Describe a typical collaborative session.

How has collaboration changed at your school over the past three years?
To what extent do collaborative teams use data?

Do you feel teachers at your school use data with fidelity? Explain.

What is the biggest difference between teachers at your school that use data with fidelity
and teachers who do not?

Based on data, do you think collaboration has a more positive effect on economically
disadvantaged students compared to non-economically disadvantaged students? Explain.

Anything else you want to add:
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